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Belief in meritocracy, analysts of U.S. society 
generally agree, “anchors the self-image of the 
age” (Markovits 2019, ix). In a broad sense, peo-
ple usually conceive of meritocracy in terms of 
the idea that hard work supplemented by skill 
or talent will lead to desired rewards. More for-
mally, it can be defined as a “social system in 
which advancement in society is based on an 
individual’s capabilities and merits rather than 
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on the basis of family, wealth, or social back-
grounds” (Kim and Choi 2017, 12; see also Cas-
tilla and Benard 2010; Reynolds and Xian 2014). 
Most understandings of meritocracy—both lay 
and academic—center on hard work (Reynolds 
and Xian 2014) and emphasize equality of op-
portunity.

With its emphasis on structural advantages 
and constraints, a hallmark of sociological 
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work on inequality and stratification is the de-
mystification—either implicitly or explicitly—
of strong versions of meritocratic ideology. In 
recent years, growth in inequality and the poli-
tics of resentment have spurred on popular cri-
tiques of the dominance of meritocratic beliefs 
as well. Daniel Markovits (2019), for example, 
characterizes an unreflective commitment to 
meritocracy as a false idol and a trap, one 
that—according to the book’s subtitle—“feeds 
inequality, dismantles the middle class, and de-
vours the elite.” Similarly, in The Tyranny of 
Merit, Michael Sandel (2020, 25) warns of the 
moral deficiencies of the current meritocratic 
system: “Meritocratic hubris reflects the ten-
dency of winners to inhale too deeply of their 
success, to forget the luck and good fortune 
that helped them on their way. It is the smug 
conviction of those who land on top that they 
deserve their fate, and that those on bottom 
deserve theirs, too.”

These critiques of meritocracy are well 
founded, but they also tend to use the term 
meritocracy uncritically—sometimes asserting 
its dominance as an obvious truth, sometimes 
using beliefs in particular factors (such as hard 
work or education) as proxies for belief in mer-
itocracy as a system, and nearly always discuss-
ing meritocracy as if its meaning is consistent 
or monolithic across members of society. In 
this article, we aim to look more closely at how 
people express their beliefs about meritocracy 
and how one gets ahead in modern society. 
Specifically, we explore whether the general 
idea of meritocracy hides important differ-
ences in how people construct different forms 
of meritocratic belief systems: Does meritoc-
racy mean different things to different people? 
How are beliefs related to meritocracy ex-
pressed in practice? Are there identifiable pat-
terns to these nuanced versions of meritoc-
racy?

Addressing these questions can contribute 
to our current understanding of inequality by 
exploring how people in the United States in-
voke beliefs about meritocracy to make sense 
of what has happened in their lives—the good, 
the bad, and everything in between. Rather 
than analyze what individuals have to say about 
meritocracy directly (such as “To what extent 
do you believe in the importance of hard work 

for getting ahead”), we pay close attention to 
how they invoke or do not invoke meritocratic 
ideology when narrating life events.

This approach adds nuance to discussions 
about meritocracy and sheds new light on per-
ceptions about paths to getting ahead in the 
United States. Given the presumed dominance 
of meritocracy, for instance, it is useful to in-
vestigate whether there are meritocratic true 
believers—that is, whether adherence to a 
pure”or literal form of meritocracy (focusing 
exclusively on individual effort and skill) is a 
widely held perspective. Of even greater value, 
however, is to identify the nuanced ways in 
which people conceptualize meritocracy, to un-
pack the varieties and roles of nonmeritocratic 
factors people use to construct distinctive nar-
ratives both about how people get ahead and 
about their life trajectories.

Identifying these distinctive constructions 
encourages a broader consideration of the na-
ture and influence of these nonmeritocratic 
factors. Previous studies of meritocracy that 
have considered nonmeritocratic factors focus 
almost exclusively on social structure, high-
lighting the distinction between the individual 
factors that are central to meritocracy, such as 
hard work and talent, and the structural factors 
that also contribute to who gets ahead, such as 
family wealth, race, gender, or inherited social 
capital (see Kim and Choi 2017; Castilla and Be-
nard 2010). Although this comparison between 
the individual and structural is instructive, as 
well as not surprising, given sociology’s focus 
on structural variables, it also omits other fac-
tors that people commonly link to getting 
ahead and being successful. Specifically, people 
often attribute success to nonrational factors 
such as religious intervention or luck—factors 
that have been understudied in relation to mer-
itocratic beliefs and their influence on people’s 
ideas about getting ahead (Sauder 2020). If we 
are trying to better understand the perceptions 
of the factors that lead to success or failure, it 
is important to investigate how these factors 
combine, compete, and interact with merito-
cratic ideology. 

The inclusion of these nonrational factors 
in a consideration of meritocratic beliefs en-
courages us to move away from common bina-
ries (structure versus individual achievement, 
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merit factors versus nonmerit factors) to a 
broader model that focuses instead on how 
types of explanatory factors are combined (or 
not) to weave together personal narratives 
about life chances and trajectories. Expanding 
the menu of perceived influences on getting 
ahead provokes new sets of questions about 
how people understand social mobility in the 
United States, such as the following:

How much weight do people give to factors 
outside of one’s control as opposed to fac-
tors within one’s control in their ideas about 
who gets ahead and why?

Does the perceived balance between in con-
trol and out of control factors vary by social 
position or social characteristics? 

Among different types of out of control fac-
tors, how do people allocate influence dif-
ferently?

Are variations patterned in how people at-
tribute influence to structural versus non-
rational factors?

More generally, are there constellations of 
beliefs about getting ahead that can be identi-
fied by a more nuanced study of these various 
meritocratic and nonmeritocratic factors? Are 
there distinctive and consistent combinations 
of meritocratic and nonmeritocratic commit-
ments that can be identified across different 
social groups? 

Exploring these questions contributes to ex-
isting scholarship on meritocracy by providing 
a more detailed understanding of the variety of 
logics that underpin individual perceptions of 
inequality and social mobility. In addition, this 
focus on underlying beliefs and logics has prac-
tical implications for debates about how to 
address contemporary inequality since these 
individual perceptions play a key role in deter-
mining both support for existing redistributive 
policies and the viability of future policy alter-
natives.

Constellations of Beliefs 
About Getting Ahead
With these questions in mind, we use the qual-
itative data associated with the American 
Voices Project (AVP) to systematically explore 

and map constellations of beliefs. The AVP, 
with its extensive open-ended interviews, pro-
vides a rare opportunity to examine how people 
invoke values related to success as they reflect 
on various aspects of their life histories and 
current situations. Adopting a natural lan-
guage analysis, we attempt to identify linguis-
tic patterns that signal the relative importance 
of different get-ahead outlooks as cultural 
frames among the interviewees. Specifically, we 
explore the invocation of six get-ahead out-
looks. These include traditional meritocratic 
factors such as hard work and education but 
also nonmeritocratic influences such as social 
structure, religion, and luck. This approach not 
only allows us to gain insight into how people 
talk about specific concepts (for example, luck 
versus religion), but also provides a window 
into the types of ideas they consciously or non-
consciously draw on to describe the events and 
trajectories of their lives. We operate under the 
assumption that if an interviewee has been pri-
marily exposed to a certain kind of meritocratic 
ideology—such as the idea that hard work is 
the only avenue to achieve success—they will 
be more likely to use words and phrases related 
to hard work or effort in conversations that cen-
ter around the topic of life history. To clarify, 
our approach does not imply cause-and-effect 
connections between meritocratic factors and 
life outcomes. By assessing how individuals in-
voke various aspects of meritocracy in their 
personal narratives, we gain a more compre-
hensive understanding of how they assign im-
portance to meritocratic beliefs in practice. We 
believe that structural factors play a crucial role 
in shaping the life opportunities available to 
these individuals. However, mapping out peo-
ple’s perspectives through their narratives en-
ables research to distinguish between these 
structural factors, which are largely removed 
from daily experiences, and the beliefs that in-
dividuals actually perceive and act on in their 
daily lives.

Ultimately, we hope to use this approach to 
explore the presence of latent classes of people 
who share similar cognitive frames for getting 
ahead. Such classes represent patterns in how 
these values are combined to form distinctive 
outlooks about social mobility in the United 
States. Our first goal is to identify the types of 
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1. These recipes might be simple such as straightforward meritocratic recipe: hard work + talent + nothing 
else = success. Or they may be less intuitive hard work + ascribed characteristics + religious intervention + 
luck = success.

getting-ahead narratives in use today. We con-
sider these cognitive recipes that people im-
plicitly or explicitly carry with them to explain 
and understand their own trajectories and that 
of others.1 Which ingredients (that is, values or 
attributes) or combinations of ingredients 
make recipes distinct? Second, do these recipes 
map onto identifiable groups of people?

This approach allows us to gain a better un-
derstanding of the perceptions of nonrational 
factors more generally. It is conceivable, for in-
stance, that many people see nonrational fac-
tors as playing an important role in achieve-
ment, but that people attribute these influences 
to different sources: two people see unaccount-
able forces at play in their life trajectories, but 
one sees it as a lucky break, while another as-
sociates it with God’s intervention. What can 
we learn about perceptions of meritocracy by 
studying the relationship between different 
types of nonrational factors? For example, are 
there groups of people more likely to use luck-
related terms relative to an average inter-
viewee? If so, are those who invoke luck less 
likely to use religious terms than their respec-
tive baselines? Underlying these questions is 
the idea that perceptions about religion and 
luck may serve the same function as each other 
for different sets of respondents. Alternatively, 
interviewees who are more likely to invoke luck 
or religion might do so in consistent combina-
tions with other sets of beliefs to construct dis-
tinctive outlooks about meritocracy and how 
people get ahead.

Our second objective is to explore the extent 
to which an interviewee’s outlook on getting 
ahead is contingent on their social positioning. 
That is, to what extent can demographic char-
acteristics be used to predict the constellation 
of explanatory factors someone is likely to in-
voke in explaining their life trajectory? Put dif-
ferently, to what extent do belief patterns re-
flect a homogenous group of subscribers?

Methodological Approach
The first step in our approach to the AVP data 
was to construct dictionaries (or lexicons) of 

words for each concept of interest that could 
then be used to identify the frequency with 
which values or attributes were invoked. Im-
plicit in this approach is the premise that the 
use of outlook-related vocabularies can be used 
to infer the cultural disposition of a group of 
individuals, a practical understanding of the 
social world which is acquired through re-
peated social interactions and exposure to so-
cial contexts (Bourdieu 1984). By counting the 
terms associated with one kind of get-ahead 
outlook, we can estimate the relative impor-
tance of the outlook in the conversations re-
garding the life histories and day-to-day experi-
ences in which respondents engaged in the 
interviews.

To achieve this end, we constructed six dic-
tionaries to assess the degree to which inter-
views align with particular get-ahead outlooks. 
Dictionary method is a commonly used ap-
proach in text analysis (see, for example, Boni-
kowski and Gidron 2016; Monroe, Colaresi, 
and Quinn 2017). A dictionary is a list of key-
words and their synonyms that conveys the 
meanings of a specific category or theoretical 
construct. Three categories are considered: 
meritocratic traits (education, work), nonra-
tional influences (luck, religion), and social 
structures (structure 1—ascribed characteris-
tics; structure 2—state, government and poli-
tics). It is to our knowledge the first attempt to 
measure get-ahead outlooks in interviews. We 
built our own versions of four of the dictionar-
ies (luck, education, structure 1, and structure 
2) and adopted two off-the-shelf dictionaries 
(work, religion) from the Linguistic Inquiry 
and Word Count (LIWC) dictionaries (Pen-
nebaker et al. 2015). In the following, we ex-
plain the methodology useds to construct the 
dictionaries.

The availability of large quantity of textual 
data—such as interviews, social media posts, 
or books—has brought a renewed attention to 
the problem of measurement. Otis Dudley 
Duncan described the measurement process in 
social science as “assigning values to express 
the degree of a quality that an object has” 
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2. See WordNet Search at Princeton University (http://​wordnetweb.princeton.edu/perl/webwn).

(Grimmer, Roberts, and Stewart 2022, 173n1; 
Duncan 1984). A dictionary is just such an in-
strument, one that enables the evaluation of 
how much of a specific quality (such as a get-
ahead construct) is present within a particular 
object (such as an interview). Two indicators of 
quality are of central importance to the con-
struction of a dictionary: coverage and internal 
validity (Nicolas, Bai, and Fiske 2021, 2022). On 
the one hand, measures based on text are dif-
ferent from those based on survey because the 
responses representing a theoretical construct 
(such as luck) cannot be easily summarized as 
numeric values on a Likert scale by respon-
dents. Instead, they are pervasive and diffuse 
in texts. A comprehensive dictionary should 
have a high level of coverage of possible re-
sponses (words, phrases, sentences) that the 
author (interviewee in this study) uses noncon-
sciously to convey the meaning of the con-
struct. In other words, an effective dictionary 
needs to optimize the likelihood that correct 
terms are encompassed in the boundary of the 
construct (that is, maximize the likelihood of 
true positives).

On the other hand, a dictionary should 
maintain a high degree of interval validity. This 
is predicated on the terms included in the dic-
tionary bearing a high level of semantic simi-
larity compared to those excluded from the dic-
tionary. A set of highly similar terms in a 
dictionary would minimize the chance that in-
correct terms are classified as dictionary terms 
(false positives). Internal validity and coverage 
are polar qualities of a dictionary. Achieving a 
high degree of coverage may undermine the se-
mantic coherence of the dictionary’s terms, as 
many less typical terms of the theoretical con-
struct may be included (for example, is a to-
mato a fruit?). To the contrary, maintaining a 
dictionary with a high degree of coherence 
(that is, one including a minimum set of the 
terms most representative of a theoretical con-
struct) may affect the efficiency of the diction-
ary in measuring the underlying construct (for 
example, considering only apples and oranges 
as examples of fruit).

Our iterative procedure of creating get-
ahead dictionaries is composed of three steps 

(Nicolas, Bai, and Fiske 2021). In the first step, 
a list of key words was nominated as seed 
terms. The seed terms refer to specific words 
that are essential to each of the constructs. We 
excluded any terms from the dictionary if they 
have many word senses with only one implying 
the meaning of the construct. For example, the 
term workshop is often used in contexts other 
than formal meetings, so we did not include it 
in the list of seed terms for education. Thus, 
the set of seed terms satisfy the condition of 
strong semantic coherence.

In the second step, we expanded the lists of 
seed terms with their synonyms. Two sources 
of word synonyms were used. The first source 
is WordNet, a widely used lexical database of 
semantic relations between words (Miller 1995). 
We first manually annotated each term in the 
seed list with one or more word senses that are 
compiled in WordNet. For example, the word 
luck has three word senses listed in WordNet.2 
Word sense 1 refers to “your overall circum-
stances or condition in life (including every-
thing that happens to you)”. Word sense 2 is 
“an unknown and unpredictable phenomenon 
that causes an event to result one way rather 
than another” and word sense 3 is “an un-
known and unpredictable phenomenon that 
leads to a favorable outcome.” By manual in-
spection, we determined that all three word 
senses are appropriate for the luck dictionary. 
We then used these three word senses to iden-
tify all their synonyms in the next iteration. The 
second source of synonyms is derived from 
word similarity scores acquired through a word 
embedding technique (Mikolov et al. 2013). 
Word embedding is a language model that 
learns vector representations of words by ana-
lyzing the contexts in which they appear, so 
that words with inherently similar meanings 
but infrequent coappearance in the same sen-
tences (for example, mayor and head) can have 
similar representations because they have com-
mon contextual words. We used a semi-
automated method developed by Gandalf Nico-
las, Xuechunzi Bai, and Susan Fiske (2021), 
which uses WordNet and word embeddings to 
expand the lists of term.

In the third step, we each independently 

http://wordnetweb.princeton.edu/perl/webwn
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3. The usual procedure of expanding a dictionary is through a process that iteratively includes frequently co-
occurring terms with the dictionary terms in texts, followed by a manual evaluation of the validity of the terms; 
the procedure repeats until no new terms can be added. This is a very costly process as it requires extensive 
qualitative reading and evaluation by human coders. We adopted our current procedures, which include only 
three human coders making one round of validity assessments, due to time constraints. Moving forward, we 
plan to implement more rounds of human coding. 

4. Wikipedia, “Fleiss’ kappa,” https://en.wikipedia.org​/wiki/Fleiss%27_kappa#Interpretation (last modified 
January 25, 2024).

5. One tactic we use to make sure all the zero counts are not tossed away in the log-transformation is to add 
one to all the dictionary counts of all the interviews, then apply the normalization and log-transformation.

evaluated the validity of each term in the ex-
panded list, that is, whether the terms in the 
expanded lists are representative terms of the 
corresponding theoretical constructs.3 Terms 
were kept in the dictionaries only if we reached 
a consensus. Table 1 summarizes dictionary 
keywords and the intercoder agreements. Of all 
four dictionaries, Fleiss’ kappa, a variant of Co-
hen’s kappa for more than two coders, ranges 
from 0.20 (structure 2) to 0.68 (luck). Kappa can 
be interpreted as expressing the extent to which 
the observed amount of agreement among cod-
ers exceeds what would be expected if all coders 
made their ratings completely randomly.4 De-
spite the lack of a consensus on the acceptable 
value of kappa, three out of four dictionaries 
fall in the range of moderate to substantial 
agreement (0.41–0.80). Only one, structure 2, 
shows a level of disagreement among three 
coders, though they are in the range of slight 
to fair agreement. We adopted a cautious ap-
proach by retaining only those terms deemed 
relevant to the theoretical constructs by all 
three coders. See tables A.1 and A.2 for the full 
list of terms in each of our constructed diction-
aries.

In addition, we used off-the-shelf dictionar-
ies from the pre-validated LIWC dictionary 
(Pennebaker et al. 2015) to measure religion and 
work because they are readily available and 
have been validated on different textual sources.

Table 1 shows the get-ahead dictionaries, 
their meanings, sample keywords, and inter-
coder reliability. Complete lists of dictionary 
terms can be found in the appendix.

Measuring Construct 
Prevalence in Interviews
We make the standard assumption that the 
greater the number of dictionary terms present 

in an interview, the higher the likelihood of the 
construct of interest appearing. Because our 
measures of dictionary prevalence in inter-
views will be used to identify clustering of peo-
ple in relation to their get-ahead outlooks, we 
have made additional adjustments to the mea-
suring procedure.

We first counted the number of terms pres-
ent in a text that correspond to a dictionary. In 
order to extract and retain only the responses 
of the interviewees, we performed a special text 
cleaning procedure to clean the data. The re-
sulting raw count was then normalized by the 
total number of the words articulated by the 
interviewee. In addition to the step of normal-
ization, we conducted two further steps to con-
vert the data to a form amenable to the cluster-
ing analysis. First, because of the highly skewed 
distributions of term frequencies—with most 
of the interviews containing a limited number 
of related terms, others comprising a substan-
tial number—we applied a logarithmic trans-
formation to each of the get-ahead construct 
variables.5 

Next, we standardized the measurements by 
converting the data distributions of different 
dictionaries onto a comparatively similar scale. 
This is an important step given that humans 
have different tendencies of invoking words 
from different concepts. For instance, language 
pertaining to education and religion is more 
commonly used in everyday conversations than 
language relating to talent or luck. If dictionar-
ies are measured based on their absolute rates 
in texts, a clustering algorithm, which will be 
used to group interview documents, may pro-
duce biased results by weighing too heavily the 
signals from variations in documents that arise 
from popular constructs, like religion and 
work, while discounting signals from less pop-

https://en.wikipedia.org/wiki/Fleiss%27_kappa#Interpretation
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ular, yet equally important constructs, like 
luck. It is the relativity in usage of one concept 
that matters for us in differentiating cultural 
dispositions among individuals. The second 
source of bias arises from the way that different 
dictionaries are constructed. Some constructs, 
like religion, are well defined with an agreed-
upon set of terms describing them, but others 
are less well defined. Constructs with well-
defined linguistic boundaries are likely to have 
greater coverage—that is, more terms—than 

those that lack clear definitions, which creates 
differences in dictionary prevalence in mea-
surement. In summary, we measure the preva-
lence of a theoretical construct in an interview 
by first counting the frequency of terms present 
in the interview, then normalizing the data  
by dividing the document size, and after that, 
log-transforming the data to adjust for the 
skewedness of term distributions, and finally, 
by standardizing the data with the z-score stan-
dardization.

Table 1. Get-Ahead Dictionaries, Sample Keywords and Intercoder Reliability

Category Meaning Sample Keywords
Dictionary 
Origin #Words Kappa

Luck a consequential chance 
event that is outside the 
control of social actors

(un)luck, (un)fortunate, 
random, accident,  
fluke, destiny

Constructed 
by the au-
thors

34 0.68

Religion the belief in and worship of 
a superhuman controlling 
power, especially a per-
sonal God or gods (Ox-
ford Languages and 
Google)

afterlife, god, angel, 
heaven, hell, divine, 
sacred, pray, holy, 
blessing, Islam, doom

LIWC 175 NA

Education the action or process of ed-
ucating or of being edu-
cated (Merriam-Webster)

tuition, college, universi-
ties, graduate, school, 
educate, GPA, 
booksmart

Constructed 
by the au-
thors

138 0.55

Work to perform work or fulfill 
duties regularly for wages 
or salary (Merriam- 
Webster)

boss, duty, hard work, 
hiring, layoff, manage, 
negotiation, organiza-
tion, portfolio, project, 
resource, salary

LIWC 444 NA

Structure 1 
(ascription)

ascribed characteristics of 
individuals related to 
race, gender and class

gender, racism, stratum, 
social class, socio-
economic class, ethnic-
ity, poverty, poorness, 
impoverishment

Constructed 
by the au-
thors

52 0.42

Structure 2 
(state)

government and politics politics, government, au-
thority, regime, Wash-
ington, bureaucracy, 
bureaucratic, govern, 
legislate, congress, 
democrat, republic, 
welfare, senator

Constructed 
by the au-
thors

64 0.20

Source: Authors’ tabulation.
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6. After the data cleaning and process, we omitted the interviews with very short length, that is, fewer than five 
thousand characters (not words) in length. This step removed four interviews; we used the remaining 1,569.

Clustering of Interviewees
Our objective is to classify the interviewees into 
k distinct clusters, where interviewees with 
similar get-ahead linguistic patterns are as-
signed to the same categories and those with 
dissimilar linguistic patterns are assigned to 
different categories. To achieve this objective, 
we used the widely used k-means clustering al-
gorithm to detect the presence of meaningful 
clusters in the data (Lloyd 1982). The k-means 
clustering algorithm is an iterative process. It 
first randomly picks k centroids (here, inter-
views) to eventually find clusters in a six-
dimensional space in which each dimension 
represents a dictionary. An interview is as-
signed to a particular cluster if its Euclidean 
distance is closer to that cluster’s centroid than 
any other centroid. The algorithm then finds 
the best set of k centroids by assigning data 
points to clusters based on the current cen-
troids, and choosing centroids based on the 
current assignment of data points to clusters. 
The k-means is an unsupervised learning 
method, and the only prior information that 
needs to be provided by the researcher is the 
number of clusters into which the data are to 
be partitioned.

The American Voice Project
The American Voices Project (Edin et al. 2024, 
this issue) is a comprehensive qualitative study 
using in-person and remote interviews, featur-
ing representative samples across the United 
States. This project uses a diverse methodolog-
ical approach, encompassing qualitative, sur-
vey, administrative, and experimental methods, 
to investigate key aspects of American life, in-
cluding family dynamics, community engage-
ment, health, economic well-being, and the im-
pact of recent events such as the COVID-19 
pandemic. AVP, underpinned by a national 
sample drawn from hundreds of communities, 
adapts to evolving circumstances, incorporat-
ing timely inquiries on subjects such as health, 
racial disparities, employment, education, and 
social safety nets.

The project uses a three-stage cluster sam-
pling method to provide a comprehensive view 

of American communities (American Voices 
Project 2021). It begins with the selection of 
census tracts through stratified sampling, fol-
lowed by sampling single block groups within 
those tracts. These selections are made in pro-
portion to the poverty population, aligning 
with AVP’s focus on understanding the experi-
ences of the low-income population. In the 
third stage, the sampling strategy oversamples 
individuals from the lower half of the income 
distribution, based on modeled income esti-
mates. AVP includes 192 randomly selected cen-
sus block groups and thirteen Native Nation 
tribal areas, with interview plans affected by 
the pandemic, allowing for a diverse explora-
tion of American life. The final sample consists 
of 1,613 respondents. A description of the dis-
tribution of demographic characteristics can 
be found in table 2.

Results
Table 3 shows the descriptive statistics of the 
prevalence of six dictionaries in the interviews 
we analyzed.6 Table 3 shows considerable varia-
tions in the average number of terms interview-
ees uttered in each of the dictionaries. Terms 
from the structure 1 dictionaries were used rel-
atively sparsely (M = 2.89 words). Conversely, 
interviewees were much more likely to invoke 
words that are from the dictionaries of work 
(M = 569.6), education (M = 47.6), and religion 
(M =31.1).

As discussed in the methods section, varia-
tions in prevalence can be attributed to two 
mechanisms. First, these variations could re-
flect differences in the overall centrality of spe-
cific frames in American culture. Table 3 im-
plies that the interviewees, on average, tend to 
place greater emphasis on work and education 
than on luck in their accounts of life histories 
and day-to-day experiences. This is consistent 
with findings in survey-based analysis. The sec-
ond source of variation is related to the quality 
of dictionaries. The two dictionaries that pro-
duced high rates of words in interviews are 
work and religion, and they are off-the-shelf 
dictionaries from LIWC. These dictionaries 
comprise significantly more terms (444 and 175, 
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respectively) than the dictionaries constructed 
by us. The development of the LIWC dictionar-
ies also has undergone multiple revisions over 
several years, with the term list being expanded 

considerably and validated across multiple lan-
guage sources. The methodology of LIWC dic-
tionaries is detailed in its development manual 
(Pennebaker et al. 2015).

Table 2. Distribution of Demographic Characteristics

Characteristic Count Percentage

Gender
Male 653 40.5
Female or nonbinary 943 58.5

Race-ethnicity
Asian, American Indian, Alaska Native, Native Hawaiian and 

Other Pacific Island 
59 3.7

Black or African American 317 19.7
Hispanic or Latino 332 20.6
Two or more races 63 3.9
White 808 50.1

Age
18–24 167 10.4
25–34 335 20.8
35–44 258 16.0
45–54 213 13.2
55–64 269 16.7
65+ 322 20.0

Education
Eighth grade 21 1.3
Associate’s degree 127 7.9
Bachelor’s degree 301 18.7
High school 312 19.3
Less than eighth grade 33 2.0
Master’s degree 167 10.4
PhD or professional degree 64 4.0
Some college, no degree 370 22.9
Some high school 127 7.9

Yearly Earnings
<=$12,000 626 38.8
$12,001–$24,000 141 8.7
$24,001–$36,000 151 9.4
$36,001–$48,000 104 6.4
$48,001–$72,000 161 10.0
$72,001–$120,000 146 9.1
>$120,000 117 7.3

Party identity
Democrat 624 38.7
Independent or no preference 707 43.8
Republican 230 14.3

Source: Authors’ tabulation.
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Our intention, however, is not to engage in 
direct comparison of the prevalence of get-
ahead outlooks because doing so involves com-
paring dictionaries developed by multiple 
teams using different methods. Instead, we aim 
to evaluate the relative importance of a particu-
lar construct among interviewees and avoid 
comparing baselines across constructs. For ex-
ample, who is more likely to use luck-related 
terms relative to an average interviewee? Are 
those who invoked luck the same people who 
avoided religious terms relative to their respec-
tive baselines?

K- me ans Clustering and 
L atent Cl asses
The raw counts from dictionaries were trans-
formed into standardized scores using the pro-

cedure described in the methods section, and 
these scores were then used in k-means cluster-
ing. Figure 1 displays the distributions of all the 
interviewees (points) in a two-dimensional 
space, with the dimensions having no inherent 
meaning, but the distances between points im-
plying the overall difference in the six get-
ahead outlooks. To determine the optimal 
number of latent classes, we applied thirty clus-
tering indices assembled by Malika Charrad 
and colleagues (2014), and k = 3 is determined 
as the optimal number by the majority of these 
indices (as shown in figure 1, that number was 
seven for these data). The NbClust package in 
the R programming environment was em-
ployed to perform this analysis.

How did interviewees in three latent classes 
use different get-ahead languages? We gener-

Table 3. Descriptive Statistics of Dictionary Raw Prevalence 

Mean SD Min Max Size

Structure 1 (ascription) 2.89 3.62 0 36 1,569
Luck 4.75 5.43 0 68 1,569
Structure 2 (state) 14.23 11.47 0 95 1,569
Religion 31.06 28.96 0 289 1,569
Education 47.59 36.13 0 323 1,569
Work 569.55 230.04 43 2,141 1,569

Source: Authors’ tabulation.

Figure 1. K-means Clustering

Source: Authors’ tabulation.
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ated a radar chart (figure 2) with six axes repre-
senting six dictionaries and positions of dots 
on the axes indicating the relative positions of 
the latent classes. The panel on the right shows 
the same information but with error bars for 
level by dictionary and latent class, where level 
refers to standard deviations above or below av-
erage usage. The outgoing-vertical axes in the 
radar chart indicate the averaged numbers of 
standard deviations away from the construct-
specific means. For example, the usage of luck-
related terms in class #2 was found to be 0.5 
standard deviations above the population 
mean, whereas class #1 and class #3 exhibited 
0.4 and 0.2 standard deviations below the pop-
ulation mean.

The radar chart provides clear indications of 
distinct patterns in the latent classes. The la-
tent class #1 shows, on average, high levels of 
religion and both structure variables (ascrip-
tion, and state and politics), demonstrating 
comparatively lower or intermediate levels on 
the other three constructs. To the contrary, la-
tent class #2 exhibits high levels of prevalence 
on every construct but religion. These two la-
tent classes form the two poles in the relative 
distributions of get-ahead outlooks on the ra-
dar chart. Class #3, however, shows relatively 
low levels of usage of terms from all six diction-

aries, suggesting that interviewees in this class 
are least engaged with the get-ahead concepts 
that are regarded as important by sociologists. 
The three latent classes have comparable num-
bers of individuals, with 526, 554, and 489, re-
spectively. 

Demographic Differences of Latent Classes
What is the demographic breakdown of these 
three latent classes, and to what extent can we 
predict an individual’s demographic back-
ground based on the get-ahead outlook they 
adopt? To address these two questions, we ex-
tracted thirteen categories of demographic in-
formation collected in AVP and compared their 
distribution across our three latent classes.

The scales for the demographic attributes in 
figure 3 are standardized in z-score. Age, in-
come, and education have emerged as impor-
tant predictors of interviewees’ get-ahead out-
looks. The interviewees belonging to the latent 
class 1 (emphasizing religion and structural 
factors) tend to be comparatively older and 
have lower levels of income and education than 
their counterparts in the other two groups. In 
contrast, the interviewees in latent class 2 
(which discusses everything but religion) tend 
to be younger and have the highest scores on 
both income and education. Relative to the 

Figure 2. Radar Chart of the Relative Importance of Get-ahead Attributes by Latent Class

Source: Authors’ tabulation.
Note: Class #1: black line; Class #2: gray line; Class #3: dotted line
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7. Given the number of attributes included in our analysis (see figure 3), our qualitative illustrations can only 
highlight selected slices of the dynamics we see in the latent class analysis. Our examples aim to give a sense 
of how the most pronounced attributional tendencies are tied together by respondents in their narratives. Be-
cause these illustrations can only provide curated snapshots of the relationships among attributes, we offer them 

other classes, the latent class #3 (which is low 
on every dimension) has intermediate scores 
on income and education, but these interview-
ees are also the youngest across the groups.

In addition, other demographic factors are 
also aligned with membership in the latent 
classes of get-ahead outlooks. For example, in-
dividuals in latent class #1 show a greater pro-
pensity to be male, live in rural areas, and not 
have young children at home, whereas those in 
class #3 are more likely to be female, live in ur-
ban areas, and have young children. Consistent 
with the associational patterns of income, peo-
ple in latent class #1 are more likely to be en-
rolled in welfare programs (Social Security In-
come and Supplemental Nutrition Assistance 
Program), but less likely to have worked in the 
past. People in class #2, to the contrary, are far 
more likely to be employed and currently not 
enrolled in any welfare programs. Political 
identity is also strongly associated with mem-
bership in get-ahead latent classes, with those 
in latent class #1 strongly identifying with the 
Republican Party, those in latent class #2 
strongly identifying with the Democratic Party, 
and those in latent class #3 showing no politi-
cal identification.

These findings next lead us to ask whether 
there is a way to compare the relative strength 
of demographic sorting by latent class? We use 
the index of dissimilarity (White 1986) to mea-
sure the evenness of distribution of demo-
graphic subgroups across latent classes. The 
index, originally used for measuring racial seg-
regation in geographic areas, is composed of a 
sum of unevenness across latent classes, in-
dexed by i. In the formula, and represent the 
sizes of demographic subgroups (for example, 
individuals with and without college degrees) 
in latent class i, whereas A and B denote the 
sizes of the same demographic subgroups in 
the entire population. The index ranges from 0 
(indicating a completely random mixing of de-
mographic subgroups and latent classes) to 1 
(indicating a full segregation of demographic 
subgroups by latent class).

D a
A

b
B

i i

i

N

= −
=
∑1

2 1

To facilitate the analysis, we dichotomized 
all the demographic variables. For continuous 
variables such as age, income, and hours 
worked, the median value was used as the cut-
off point. For variables with multiple categories 
such as education, race, and place of residence, 
one of the categories was selected as the base-
line (college, White, and rural, respectively). We 
also removed the moderate category in party 
identity and dichotomized it as Republican and 
Democrat. Furthermore, we removed the non-
binary category in gender and dichotomized 
gender as male and female.

Figure 4 shows a sorted list of indices that 
align with the visual patterns depicted in figure 
3. The results reveal that latent classes of get-
ahead outlooks are divided along demographic 
variables such as age, education, race, and in-
come. As Douglas Massey, Jonathan Rothwell, 
and Thurston Domina (2009) note, the value of 
the index represents the percentage of individ-
uals in one group who must move to the other 
group in order to achieve random mixing. Fig-
ure 4 shows considerable levels of segregation 
of demographic groups by latent classes. For 
example, the index of dissimilarity for age is 
0.27, indicating that approximately 27 percent 
of individuals in one age group need to move 
to other latent classes to reach random mixing. 
The 95 percent confidence interval is calculated 
based on percentiles of the bootstrap distribu-
tion.

Qualitative E xpressions 
of L atent Cl asses
Our analysis identifies three distinct outlooks 
related to ideas about getting ahead. Having 
identified these classes and explored some of 
their key demographic differences, we next 
turn to the qualitative data to illustrate how 
some of the key aspects of these latent pat-
terns were expressed as respondents discussed 
life events and perspectives.7 For each cluster, 
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Figure 3. Demographic Attributes by Latent Class

Source: Authors’ tabulation.
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we sampled the top ten interviews located 
nearest the center of each cluster plus a ran-
dom sample of ten others from each cluster. 
From these selected transcripts, we qualita-
tively examined the ways in which they en-
gaged (or did not engage) getting-ahead lan-
guage in their life narratives. To clarify, the 
following quotes are not from interviewees 

who typify each cluster in terms of their demo-
graphic profile; instead, they are taken from 
interviewees whose word choice (content and 
frequency) rendered them central to a cluster. 
This use of the qualitative data allows us to 
add substantive meaning to the word count ap-
proach taken in our large-scale text analysis. 
This process also allows us to identify three 

Figure 4. Demographics Ordered by the Index of Dissimilarity (95 percent confidence interval)

Source: Authors’ tabulation.
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as a demonstration of the potential for marrying a latent class approach with qualitative analysis and a basis for 
future research. 
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strains or variants of cultural beliefs relating 
to getting ahead, which we label, respectively, 
frustrated meritocracy, complex meritocracy, 
and detached meritocracy. We now turn to 
each of these in more detail.

Frustrated Meritocracy
We use the phrase frustrated meritocracy to de-
scribe the set of beliefs held by class #1 in our 
analysis. This class, as shown, is characterized 
by strong beliefs in religion, ascriptive struc-
ture, and state structure, and medium-strong 
beliefs in work. The group also tends to be 
older, poorer, less educated, more rural, and 
more likely to be Republican.

The interviews of people from this group 
shed light on one core dynamic that underlies 
this meritocratic type: the belief that there is a 
right way to get ahead in the United States—a 
way tied to finding a good job, working hard, 
and often abiding by religious principles—but 
that there are structural obstructions that hin-
der people’s ability to effectively use this path-
way to success. The main culprits to the meri-
tocratic system working correctly are related to 
structure: bad policies, government interven-
tion, or identity politics (although the obstacles 
identified vary across respondents). This dis-
connect between the right path and people’s 
access to this path results in expressions of an-
noyance, frustration, and blame. 

These patterns are apparent, for example, in 
excerpts from an older White woman in this 
category who had raised her children as a sin-
gle mother:

It’s horrible to know that you’re born and 
bred in this country, you’re an abiding citizen, 
and you can’t buy a quality home. . . . When I 
got divorced, I wanted to work. I went and 
they said, “You make $12 too much,” when I 
went to the Eastern Credit Union. I wanted to 
work full time. So, these things aggravated me 
when I’ve seen people from other countries 
came in or I’d see someone walk out with five 
kids and drive off in a Cadillac and I’ve got 
two babies and a toddler walking by—my 
choice. It’s everybody’s life, but I just didn’t 
understand the system back then. . . . Right 
now, I’m making $42,000. I have no debt; I 
don’t have loans.

These statements capture several key as-
pects of frustrated meritocracy. There is the ref-
erence to the way things should be for those 
“born and bred in this country” and an ac-
knowledgment that they had the desire to pur-
sue to this path (“I wanted to work”). And, im-
portantly, there is also the recognition of the 
constraints from outside that got in the way of 
the respondent’s efforts to achieve a level of 
success using this path (“they said,” “didn’t un-
derstand the system,” the comparison with 
“people from other countries”). In adjacent dis-
cussions within this interview, this respondent 
also expresses the religious sentiments that are 
a key component of this group, citing the im-
portance of a higher power and divinity up 
above in relation to their life trajectory.

A second respondent in the frustrated mer-
itocracy category provides a different flavor of 
this worldview as he explains his life events and 
perspective. This interviewee was a retired, con-
servative White man who served in Vietnam. 
He tells his life story in a very linear way—“[I] 
went to grade school, went to junior high, went 
to high school. After high school, [I] joined the 
military, finished my military career, came 
home, got an associate’s degree, got married, 
had two children, worked for a large company 
for over twenty years, retired, and then went 
back to work for them for another fifteen years, 
retired again, and now living with my wife and 
trying to enjoy retirement”—that reads much 
like a textbook example of the meritocratic 
ideal: education, hard work, and the step-by-
step achievement of financial stability. How-
ever, even this ideal example of the American 
Dream is encroached upon by concerns about 
the influence of how structural forces—espe-
cially identity politics and social programs—
are subverting the traditional meritocratic 
path. In the middle of a long explanation of his 
views of the Black Lives Matter movement, for 
instance, he touches on many of these issues:

I heard a thing on the news today where they 
said some store in New York got robbed. And 
robbing this story, people confronted them 
and the people that were robbing it said they 
were part of Black Lives Matter, they also got 
their phones out and said stopping us is dis-
crimination. And I just said to myself “is this 
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8. The fact that two of our sampled interviews make reference to a Cadillac in this way is striking. It indicates 
that the welfare queen trope that dates back to the Reagan Era remains salient to some groups and clearly re-
flects the longstanding distinction between those deserving and undeserving of governmental support (Katz 
1989; Edin and Lein 1997; Marrow 2012). We thank an anonymous reviewer for highlighting this connection. 

9. “I feel like working families should have more options for college for their children than somebody that’s just 
here illegally. And working families should have more options for healthcare than people that are just here ille-
gally. . . . I don’t think I’m a mean person. I want everybody to live a good life, but you gotta work a little bit harder 
in order to do that. You shouldn’t just be given anything for free.”

10. A reviewer points out that in all of these examples there is an explicit comparison to others who are worse 
off and who can be viewed as a threat from below. This is consistent with previous research on the tendency for 

where we’ve come?” . . . I don’t know. I don’t 
understand it. In God’s eyes, we’re all equal. 
I don’t even think God sees color. So, I don’t 
understand it. I think the whole idea of repa-
ration and these other things, especially from 
the Democrat party . . . I don’t understand it. 
To me, we have Black neighbors, they’re good 
people. We’re friends. I don’t understand 
it. . . . So I just, you know, at our age, you just 
want to get along. But I’m not going to open 
up my door and give you everything I’ve got 
now just because [you] think I’m racist. That’s 
not going to work.

There is a palpable sense of unease through-
out this portion of the interview about the state 
of the world in the present and a feeling that 
the path that worked well for the respondent is 
now under threat. This unease, unlike the 
man’s description of his life story, is not linear. 
It is a mixture of concern about “where we’ve 
come,” religious principles, the Democratic 
Party, and the redistribution of resources based 
on skin color rather than meritocratic princi-
ples. The traditional formula for success—hard 
work plus faith—is disrupted by larger, and 
largely negative, structural forces.

We see very similar combination of themes 
in this interview with a White woman in her 
forties from the East Coast:

I don’t necessarily agree with everything the 
Republicans stand for, but I agree more with 
them than I do with the other guys. I’m not 
a bleeding heart. I feel like if you have two 
legs and two arms and you are mentally ca-
pable of having a job, you should have one. 
I’ve seen a lot of people, especially in my pro-
fession that pull in a Cadillac Escalade with 

their nails and hair done and cry poverty in 
the same voice. . . . So, for me, I feel, again, 
if you can collect food stamps and if you can 
collect this and you can collect that, I think 
that you should be drug tested. . . . And, I feel 
like a lot of people take advantage of our sys-
tem.8

At another point in the interview she ex-
presses concern about the safety of her neigh-
borhood: “they’re pushing people closer and 
closer and closer to here.” Note in particular 
the use of the anonymous (and never subse-
quently defined) “they” here. Later, she advo-
cates for more support for working families, 
but she connects this argument with immi-
grants and immigration policy rather than 
other possible political or structural factors.9

These respondents highlight a very particu-
lar (White, working-class) dynamic that exists 
within the frustrated meritocracy latent class, 
one that resonates with recent studies by Arlie 
Hochschild (2016) and others. There are, of 
course, many variants of this dynamic within 
the interviews, variants that share core features 
but are expressed in combination with other 
attributes of this class. For instance, a retired 
Latina woman who had immigrated from Mex-
ico explained: “Life goes by like that. Paying a 
house, paying a car, and you can’t stop working 
because they’ll take it away. Nothing is yours. 
You owe everything. It is what it is. I am at 
ease. . . . At least it’s better than what others are 
going through over in Mexico. . . . Things are 
difficult over there due to work, safety—things 
haven’t changed.”

Again, we see the standard meritocratic tra-
jectory but also a sense of precarity—a threat 
that “they” will take it all away.10 
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Complex Meritocracy
The set of beliefs held by class #2 in our analy-
sis can be described as “complex meritocracy.” 
As described, this group is characterized by its 
invocation of many different factors, scoring 
high on all of our variables except religion. 
Members of this group are much more likely 
to align with Democrats than the other groups, 
and they are generally younger, work more, 
and have higher levels of education and in-
come.

From a demographic and achievement 
standpoint, this group would most closely re-
semble the meritocratic ideal. In many ways, 
they epitomize the belief that the combination 
of education and hard work will lead to suc-
cessful social advancement. However, their ver-
bal descriptions of their lives reflect a more 
complex view of factors related to getting 
ahead, one that includes multiple structural 
factors and luck as well as education and hard 
work.

A distinguishing feature of respondents in 
this category was their commitment to the idea 
that education and work are the obvious keys 
to making it and thriving in modern U.S. soci-
ety. The cause and effect of these efforts was 
clearest in this group, often expressed automat-
ically and as if no alternative existed. For ex-
ample, when one respondent (a younger, Black 
LGBTQ woman) was asked how her family was 
making ends meet, she answered this way:

Respondent: We work. We just work day-to-
day, job-to-job. Where one might fall short, 
the other one steps up. It’s just something 
we’re used to, we’ve always done.

Interviewer: You mentioned having a lot of 
medical bills. Tell me about those and your 
plan to pay them off?

Respondent: Get a better job to start paying 
them. It’s just too many of them, so much 
of it. I just got to get a better job.

Another younger respondent who identified 
as part Native American and part Latino also 
presented a pragmatic path through which ed-

ucation would lead to getting ahead. When 
asked about a test they were preparing for, he 
replied this way:

Respondent: For the [redacted] computer 
networking certification. So, it’s only semi-
interesting. [Lots more discussion here of 
the content and class]

Interviewer: So, what will happen if you get 
the certificate?

Respondent: I can probably negotiate like a 
little pay at work or I could just [get] an-
other job that pays more, something like 
that. It’s [a] pretty decent certificate like an 
introductory intermediate, but yeah.

Aside from their more optimistic view of the 
ability of their efforts to help them get ahead 
and more frequent expressions of self-reliance, 
a key distinction between this group and those 
from class #1 was the relative lack of frustration 
or anger over things that are outside of their 
control, despite acknowledging the same types 
of struggles. This group recognized the influ-
ence of the structural on their outcomes, but 
they were also more accepting of these external 
factors. As one young, newly married White 
woman related,

I was really stressed out like, “I need a job. I 
need to make money. I need to go to school. I 
need to get an education” and, like, I applied 
to a [redacted] program and I got turned 
down and that like sucked. [It was] like, 
“Geez, can’t anyone want me?” But so that 
was really stressful. [But] for some reason, I 
don’t know why, I just felt like this peace. 
Like, you know what? Like the time’s going to 
come and the right thing is going to come.

Another respondent, a middle-aged White 
man who had served time in prison, expressed 
a similar commitment to meritocratic princi-
ples of hard work and education along with an 
awareness of the various ways in which the 
larger social structure affected aspects of his 
life story:

(and benefits of) flattering comparisons by those in precarious positions (see, for example, Edwards 2004; Al-
derson and Katz-Gerro 2016).
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I’m a participant in [a housing assistance pro-
gram]. I had to go through the shelter system, 
and I have a roommate. . . . I’m still in strug-
gles, still trying to bring myself up from my 
bootstraps, as they say. . . . I’m very grateful, 
okay, because there’s a lot of people who 
work. They have a term now called the work-
ing poor. How do those two words even fit to-
gether? You’re working and you’re poor? So, 
that’s a lot of people that can’t afford rent or 
most of their check is going towards rent then 
they have to penny pinch and try to get food 
for the table for their kids and themselves and 
things like that. They give us a TV, we get a 
phone, it’s a nice apartment. There’s a lot of 
people, they still living on the streets. So, I’m 
very grateful for that.

The repeated references to being grateful 
are worth noting here. There is obviously some 
frustration with current economic arrange-
ments, but this frustration is tempered by ref-
erences to people who are worse off than him-
self rather than only focusing on what he does 
not have.

It is important to note that this group—de-
spite its belief in hard work and education—
does consistently recognize the structural bar-
riers to getting ahead. Not surprisingly, given 
the greater diversity of the group, there were 
many references to barriers based on race and 
gender. As one young male who identifies as 
Black and Native American explained: “But you 
as a Black man . . . [the] racism you will experi-
ence in your young life would have been in your 
community. Mine wasn’t until I came here. I’ve 
noticed as I’ve gotten older, its face has 
changed. It used to be ugly. [Now] it’s hidden 
behind a veneer of makeup.” 

In general, this group—like those in the 
frustrated meritocracy class described previ-
ously—see the constraints that inhibit a kind 
of “pure” meritocratic system. Unlike that 
group, however, members of the complex mer-
itocracy group express far less anger or frustra-
tion about these constraints. They see ways for-
ward and, as indicated in their answers to the 
close-ended questions that accompanied the 
interviews, their hopefulness cannot be ex-
plained away by religious beliefs. It is notable 

that this group is the most likely to use terms 
from the education, luck, work and both struc-
ture dictionaries compared to the other two 
groups, but they are simultaneously the least 
likely to invoke religion in their life narratives. 
For example, the young woman rejected from 
nursing school quoted above identifies as a 
strong conservative but does not attribute her 
peace about her job struggles to God. Similarly, 
the Black respondent talking about the face of 
racism does bring up religion directly but only 
to say that it’s a belief system that “doesn’t 
make a lot of sense these days.” In sum, com-
plexity here means the acknowledgment of all 
explanations but religion.

Detached Meritocracy
Finally, we use the phrase, detached meritoc-
racy, to identify the set of beliefs held by latent 
class #3 in our analysis. This group, the young-
est of the three with a higher percentage of fe-
males, urban dwellers, and having children at 
home, is distinguished by the absence of clear 
commitments for getting ahead; it is also the 
least engaged overall across the six dictionar-
ies. Members of this group are in the middle 
on income measures as well as their commit-
ments to education, religion, and luck. They 
are, however, the lowest on work and both as-
criptive and state structure relative to classes 
#1 and #2. Politically, they are in the dead cen-
ter, showing no tendency toward Republican or 
Democrat. We use the adjective detached to de-
scribe this group because that is the tone of 
many of the interviews, and there is a lack of 
strong commitment to any of the factors we 
measure here. But there is also a sense of 
matter-of-factness in some of the interviews we 
examined, so detached stands in for a wide va-
riety of related adjectives—such as matter-of-
fact, indifferent, accepting, disengaged, apa-
thetic, or alienated—that seem to capture the 
mood of particular respondents within this 
group.

Because people in this category are identi-
fied by the absence of strong commitments, it 
is more difficult to illustrate their distinctive-
ness with selections from the interviews. One 
of the aspects of these interviews that consis-
tently stands out is the tendency for members 
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of this group to describe their life stories in a 
low-intensity or matter-of-fact fashion—A led 
to B, which led to C—with little to no disrup-
tion and few expressions of frustration. These 
stories were more likely to indicate that things 
“just happened.” This middle-aged White male 
pilot, for instance, epitomizes this matter-of-
fact style of life narrative:

I think now, looking back, [I had a] pretty 
sheltered life, basically not moving, not mov-
ing high schools. . . . So, after that, and even 
just going to college where I was still close to 
home, I thought that college wasn’t for me 
and I wasn’t to pursue maybe a certain trade. 
My parents encouraged me to finish college 
and because I was so close, I mean, I’ve gone 
two years already and just stick it out, which 
I’m glad I did. I got a degree in [redacted] and 
finished college there.

He goes on to express contentment with 
how far he has climbed in terms of achieve-
ment, and—when asked—said he saw himself 
in the same place on a ladder of achievement 
(eight out of ten) in the future. Another respon-
dent (middle-aged White male basketball 
coach) similarly narrates his life with a low-
intensity or “it’s all good” type of indifference 
(for example, he says that he is lucky to have 
good parents and good genes, notes that he 
grew up in a good place and had “good support 
in terms of friends”). He mentions factors that 
led to his current, successful position, but he 
does not engage in extended interpretation or 
sense-making. In interviews like these, there is 
a sense of privilege in the lack of reflection 
about the factors that may have provided ad-
vantages for life outcomes, and there is often a 
feeling of a smooth climb. But there is also a 
notable lack of frustration or bitterness about 
the system or other structural factors that is 
also worth noting. 

A similar pattern can be seen in this young, 
Chinese-American pre-med student. When re-
flecting on possible turning points in her life, 
she explained,

The only thing I can think of is when I was a 
senior and I was trying to decide between my 
two big choices [of colleges], and I was really 

at a crossroads between like wanting to start 
over new in a completely different state and 
being super independent there versus going 
with the road much more traveled with [the 
local state school]. But other than that, I 
mean, I’ve been on a pretty set path, most of 
my life, I knew from the time I was five that I 
wanted to a be a surgeon and that never really 
wavered. So, throughout my life, I just had 
one goal, and up until now at least so far, so 
good, I’m sticking with it.

She is clear in her goals and recognizes her 
set path for achieving them. One could imagine 
more emphasis on the hard work and educa-
tion necessary for this path to be followed suc-
cessfully, but they are not invoked here.

Members of class #3 do show medium levels 
of commitment to education (which is men-
tioned in both of the previous excerpts), reli-
gion, and luck, whereas they score very low on 
all other factors. Note, for example, the inter-
play of education, religion, and luck—in con-
junction with the lack of engagement related to 
work or either structure dictionary—from this 
young Black male:

But what was interesting was the school I 
went to. It was [school name], and that just 
so happened to be like one of the top schools 
in the whole state. I was going there for free. 
You know what I’m saying? Because I lived 
inside the area, I can go there. . . . So, I’m tak-
ing like these little mini coding classes and 
we don’t even really realize like that people 
make 100 grand a year right now that code. 
And we were as kids, we were just like, oh 
yeah, we told him we didn’t realize like that’s 
setting us up to like have a chance to make a 
lot of money. You know what I mean? So that 
was cool.

I’m just grateful that I was in certain situ-
ations that was able to play with my mind and 
make me . . . pull me in different direction. 
But I could one of these people, I could be 
selling drugs or in jail like dead and never 
knew that I loved computers. That was—like 
that’s a real possibility, you know what I 
mean? But thank God I was able to catch the 
. . . to be born at the right time, go to the right 
schools, and catch the wave at the right time, 
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you know what I mean? Because a lot of peo-
ple don’t survive.

Again, similar to the two older respondents 
and the pre-med student, there is little talk 
here of hard work or structural obstacles or 
struggle in general. In this narrative, the ac-
knowledgment of the role of fortune and God 
is used to underscore smoothness and “catch-
ing the wave” rather than, for example, frustra-
tion with the state (class 1) or the need for self 
to solve problems (class 2). 

Discussion and Implications
The word meritocracy is commonly used to de-
scribe the dominant system of beliefs sur-
rounding how to get ahead in the United States. 
Our analysis encourages more careful thinking 
about how this term is used and how people 
understand it. Specifically, we draw attention 
to how this broad label can hide meaningful 
variations and nuances in the ways in which 
people construct visions of what meritocracy 
means and how it is constituted. Our text anal-
ysis identifies three versions of meritocracy—
frustrated, complex, and detached—through 
the language people use to describe their life 
trajectories.

Our findings do not show a widespread pres-
ence of what we might think of as a belief in a 
pure or vulgar form of meritocracy in which 
hard work and skill are all that matters in get-
ting ahead. Instead, it is overwhelmingly com-
mon for people to combine meritocratic ideas 
with a rotating cast of nonmeritocratic factors. 
These results suggest that more concerted at-
tention to the role that perceptions of nonmer-
itocratic factors on getting ahead would enrich 
our understanding of beliefs about social mo-
bility in the United States. It would be valuable 
to explore in more detail the different ways in 
which merit and nonmerit beliefs are com-
bined, how they interact to form more general 
worldviews, and how different accounts of what 
is out of one’s control are associated with dif-
ferent political positions. It is informative, for 
instance, that the frustrated meritocrats of our 
study, who are dominantly Republican, score 
so highly on talk of social structure. It is easy 
to see how focusing on government and ascrip-
tive characteristics as the most salient outside-

of-one’s control factors opens the door for 
acute resentment (as described, for example, in 
Hochschild 2016) and antigovernment senti-
ments about public education, taxes, and im-
migration.

Our approach also makes the case for con-
sidering the role that nonrational factors such 
as luck and religion play in individuals’ cogni-
tive maps about life trajectories. For all groups, 
luck or religion were often included as part of 
their narratives and for many were listed as 
causal forces in their life outcomes. Interest-
ingly, for class 1 and class 2 the relationship be-
tween these two factors is inverse: class 1 is 
highest in religion and lowest in luck, and class 
2 is lowest in religion and highest in luck. One 
possibility here is that luck and religion serve 
the same function in both versions of meritoc-
racy. They both acknowledge forces completely 
beyond human control (randomness or provi-
dence, respectively), but perceive the sources 
and nature of these forces very differently—a 
difference that matters a great deal for the con-
struction of their meritocratic frameworks. 
These nonrational factors and their interac-
tions with other get-ahead factors deserve 
closer scrutiny. 

Finally, this approach has implications for 
the current political divisions in the United 
States. The three classes generated by our data 
are very clearly divided by political identity—
class #1 is very Republican, class #2 is very Dem-
ocratic, and class #3 shows no political leaning 
whatsoever. These divisions arose despite the 
fact that these classes were generated purely on 
verbal expressions related to particular factors 
related to getting ahead, none of which were 
explicitly political. This suggests that distinc-
tive views about recipes for getting ahead are 
strongly tied to political position. It is striking 
that even though members of all subgroups ex-
pressed discontentment with the meritocratic 
ideal, each of the three groups pointed to dif-
ferent obstacles as the culprits for disrupting 
the meritocratic process. Again, it is factors 
outside individual control—how they are de-
fined, to what they are attributed, and by 
whom—that differentiate people’s ideas about 
getting ahead, and these ideas are intimately 
tied to politics. These are important relation-
ships to tease out in future work.
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Related to these political concerns is the ex-
tent to which get-ahead outlooks shape what 
people do. For example, what do these out-
looks say about how individuals make sense 
and interact with each other? How do these 
outlooks inform the strategies that individuals 
adopt with regard to upward (or downward) 
mobility? How do these outlooks enable or 
constrain how individuals receive messages 
from policy makers about, say, the value of ed-
ucation? Our application of dictionary meth-
ods cannot establish a causal account of 
whether linguistic features in conversations 
directly motivate everyday social actions. But 
we suspect that they do. For example, our re-
sults suggest that those in class #1 share not 
only political affiliation in name (Republican) 
but a relatively active frustration from seeing 
meritocracy thwarted, which could be unifying 
in terms of interpersonal interaction. In con-
trast, class #2 is composed of many who share 
the label Democrat, but they embrace a multi-
dimensional understanding of meritocracy; 
one member from class #2 might not recognize 
themselves when interacting with another 
member of class #2. In this way, we expect that 
these latent classes would help us understand 
how people perceive and experience social dis-
tance on the ground.

Methodological Implications
To date, research on getting-ahead outlooks 
has largely been driven by survey data, which 
gives respondents a preset menu of ideas from 
which they can choose to endorse. For example, 
the General Social Survey asks, “Some people 
say that people get ahead by their own hard 
work; others say that lucky breaks or help from 
other people are more important. Which do 
you think is most important?” The survey ap-
proach, though informative, carries the poten-
tial risk of eliciting verbal justifications to spe-
cific questions, justifications that are composed 
to conform with the prevailing meritocratic 
ideology in American society rather than their 
true beliefs or courses of actions they would 
take. This contradiction between discursive or 
justificatory talks and intuitive, emotion-driven 
practices has been well documented in cultural 
sociology (Cerulo 2010; Ignatow 2007; Martin 
2010; Vaisey 2009).

Our approach aims to avoid this justificatory 
dilemma by analyzing the language people use 
when they have not been prompted to reflect 
on and rationalize their merit beliefs. By simply 
listening to how people narrate their lives, we 
were able to detect meaningful differences in 
how people deploy beliefs about meritocracy in 
a naturalistic setting, a setting in which they 
were not explicitly asked about their beliefs 
about meritocracy and so were likely less sus-
ceptible to the kind of desirability bias that 
plagues survey research. That noteworthy, qual-
itative differences in outlooks for getting ahead 
emerged from this analysis shows how a dom-
inant and universal ideology can take on dis-
tinct forms in practice. These forms can serve 
to reify and brighten existing boundaries tied 
to social-demographic characteristics and in 
this way could play a key role in increasing ide-
ological division in the modern United States.

One limitation of our approach is that our 
measurement of cultural frames cannot be di-
rectly linked to respondents’ affective valence 
regarding the influence of latent variables in 
shaping their lives. For example, the invocation 
of terms related to education may indicate 
one’s strong conviction that school is the key 
path to getting ahead, or alternatively, it may 
reflect one’s belief that formal education is use-
less and overvalued. The advent of large-scale 
language models, such as the GPT-3 and BERT 
families, trained on extensive text corpora, 
presents an opportunity for gaining insight 
into the subtleties of language that are percep-
tible only to humans, yet convey crucial cul-
tural or value connotations. Future research is 
needed to develop finely tuned models capable 
of identifying the valence and intensity of in-
voked cultural dispositions in interview texts, 
and using it to verify the opinions expressed in 
the form of survey response. Despite the limita-
tions of the methodology, our work provides 
strong evidence that at least three distinct out-
looks are related to meritocratic ideology, and 
they can be predicted by one’s membership in 
demographic groups.

Along similar lines, our approach does not 
identify some potentially important contextual 
nuances of how respondents employ language 
pertaining to particular meritocratic outlooks. 
For instance, does the expression of an outlook 
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change when the subject of discussion is the 
respondent’s trajectory as opposed to the tra-
jectory of others (see Sauder 2020)? Or, does the 
expression of the outlook change when respon-
dents are discussing trajectories of success as 
opposed to trajectories of failure (see Frank 

2016)? This study—offering robust evidence of 
the existence of distinctive outlooks and their 
correlations to specific social positions—pro-
vides the foundation for future work to explore 
the conditions under which these outlooks are 
made most salient.

Table A.1 Luck, Religion, Education Dictionaries

Luck Religion Education

luck*
*fortunate*
random*
destin*
accident*
fluke
kismet
karma
windfall
fortuitous
good break
bad break
lot in life
fortune
fate
good fortune
good luck
misfortune
bad luck
tough luck
ill luck
blessing*
mischance*
serendipitous
serendipity
fortuitously
chancy
chanceful
stochasticity
stochastic
kismat
happenstance
fortuitousness
unlucky

afterlife*
agnost*
alla
allah*
altar*
amen
angel
amish
angelic
angels
baptis*
baptiz*
belief*
bible*
biblic*
bishop*
bless*
buddh*
catholic*
chapel*
chaplain*
christ
christen*
christian*
christmas*
church*
clergy
confess*
convent
convents
crucif*
crusade*
demon
demonic*
demons
devil*
divin*
doom*
episcopal*
evangel*
faith*

tuition
colleg*
universit*
graduat*
school*
educat*
GPA
booksmart
math*
science*
english
certificat*
juco
Bachelor
Master student
Master degree
PhD
JD
MPH
MPP
academy
seminary
conservatory
alma mater
ivory tower
academic degree
associate degree
bachelor’s degree
baccalaureate
honours degree
master’s degree
doctor’s degree
doctorate
law degree
honorary degree
Associate in Arts
Associate in Applied Science
Associate in Nursing
Artium Baccalaurens
BSArch
first-class honours degree

(continued)
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Table A.1 (continued)

Luck Religion Education

fundamentalis*
gentile*
god
god’s
goddess*
gospel*
hashanah
heaven*hell
hellish
hells
hindu*
holier
holiest
holy
hymn*
imam*
immoral*
immortal*
islam*
jesuit*
jesus*
jew
jewish*
jews
jihad*
juda*
karma
kippur
koran
kosher
krishna*
krisna*
lord*
lutheran*
mecca
meditat*
mennonit*
mercif*
mercy
methodis*
minister*
ministr*
missionar*
mitzvah*
mohamm*
monast*
monk*
moral

Master of Architecture
Master of Arts
Artium Magister
Master of Arts in Library Science
Master of Arts in Teaching
Master in Business
Master in Business Administration
Master of Divinity Master of Education
Master of Fine Arts
Master of Literature
Master of Library Science
Master in Public Affairs
Master of Science
Master of Science in Engineering
Master of Theology
Doctor of Dental Medicine
Doctor of Dental Surgery
Doctor of Divinity
Doctor of Education
Doctor of Medicine
Doctor of Music
Doctor of Musical Arts
Doctor of Optometry
Doctor of Osteopathy
Doctor of Arts
Doctor of Philosophy
Doctor of Public Health
Doctor of Theology
Doctor of Sacred Theology
Master of Laws
Doctor of Fine Arts
Doctor of Humane Letters
Doctor of Humanities
Doctor of Laws
Doctor of Science
Ph.D.
collegiate
alumnus
alumna
alum
grad
Ivy League*
commencement
student*
teaching
pedagog*
co-educate
coeducate
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Table A.1 (continued)

Luck Religion Education

morality
morals
mormon*
mosque*
muhamm*
mujahid*
musl*
nun 
nun’s
nuns
orthodox*
pagan*
papal*
paradise*
passover
pastor*
penance
pentecost*
pew
piet*
pilgrim*
pious
pope
pray
prayed
prayer*
praying
prays
praying
prays
preach*
presbyterian*
priest*
prophe*
protestant*
psalm*
purgator*
puritan*
qur’an*
quran*
rabbi
rabbinical
rabbis
ramadan
religio*
rite
rites
ritual*

scholar*
coeducation
course of study
course of instruction
extracurricul*
work-study program
academic*
faculty
lectur*
principal*
teacher*
instructor*
home-school
postgraduate
undergrad*
language teaching
art class
correspondence course
directed study
elective course*
extension course*
home study
orientation course*
required course*
seminar*
shop class*
professor*
prof
chancellor*
headmaster*
headmistress*
art teacher*
tutor*
teaching fellow
matriculat*
lowerclassman
underclassman
language lesson
dance lesson
music lesson
freshman
sophomore
self-education
vocational training
learning
grade point average
credential*
diploma

(continued)
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Table A.1 (continued)

Luck Religion Education

rosaries
rosary
rosh-hashan*
roshhashan*
sabbath*
sacred
sacrific*
saint*
salvation satan*
scriptur*
sect
sectarian
sects
seminary
shi’*
shiite*
shrine*
sikh*
sin
sinn*
sins
soul
souls
spirit*
sunni
sunnis
temple*
testament*
theolog*
torah
vatican*
veil*
worship*
yiddish
zen
zion*

Source: Authors’ compilation.
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Table A.2. Structure 1, Structure 2, and Work Dictionaries 

Structure 1 Structure 2 Work

gender
racis*
stratum
social class
socio-economic class
ethic*
poverty
poorness
impoverishment
racial*
inheritance
underprivileged
poverty-stricken
maleness
femaleness
working class
proletariat
lower class
underclass
middle class
bourgeoi*
caste
upper class
inherited wealth
aristocratic
ruling class
people in power
silver spoon
old money
masculin*
bisexual*
master race
anti-Semitism
antisemitism
white supremacy
immigrant class
elite group
high society
heir
inheritor
poor
destitute
impoverished
indigent
destitution
indigence
proletarian
lower-class
low-class
privileged

politic*
government*
authorit*
regime
washington
bureaucracy
bureaucratic
govern*
legislat*
congress*
democrat*
republic*
welfare
senator
senate
mayor*
city manager
campaigner
candida*
nominee
Communis*
demagog*
Federalis*
Labourite
machine politician
Mugwump
party boss
party liner
socialis*
statesman
national leader
technocrat
Whig
majority leader
minority leader
whip
party whip
ex-mayor
leftis*
left-winger
stateswoman
state senator
policy-making
semipolitical
authoritarian*
totalitarian*
bureaucratism
anti-drug law
antitrust law
gubernatorial

absent*
academia
academic
academics
academies
academy
accomplish*
achievable
achieve*
achievi*
administr*
advertising
advis*
agencies
agency
agent
agents
ambition
ambitions
ambitious
ambitiousness
analy*
applicant*
applicat*
apprentic*
assign*
assistan*
associate
associated
associates
associating
association
auditorium*
award*
bank*
benefits
biolog*
biz
blackboard*
bldg*
book*
boss
bossed
bosses
broker*
bureau*
burnout*
busier
busiest
business*

lesson*
librar*
lsat
ltd
mailroom*
majoring
majors
manage
manageabl*
managed
management*
manager*
manages
managing
manufact*
market*
masters
math*
mcat
meeting*
memo
memos
menial
mentor*
merger*
mfg
mgmt
mgr
midterm*
motiv*
negotiat*
ngo*
nonprofit*
nsfw
occupa*
office
officehold*
offices
operat*
org
organization*
organize
organized
organizer*
organizes
organizing
outlin*
outsourc*
overpaid
overtime

(continued)
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Table A.2. (continued) 

Structure 1 Structure 2 Work

well-off
whiteness

democracy
public assistance
social insurance
social assistance
national assistance
Social Security
unemployment 
compensation
disability insurance
old-age insurance
survivors insurance
Medicare
Medicaid
senatorial
senatorship

busy
calculus
campus*
career*
ceo*
certif*
cfo*
chairm*
chairperson
chairw*
challeng*
champ*
chore*
class
classes
classmate
classmates
classroom*
client*
co-work*
collaborate*
collaboration
collaborative
collaborator*
colleague*
colleg*
commerc*
committee*
commute*
commuting
companies
company
compet*
comput*
conferenc*
conglom*
congress*
construction*
consult*
consumer*
corp
corporat*
corps
counc*
couns*
course*
cowork*
credential*
credit*
crew

overworked
paper*
pay*
pc*
pen
pencil*
pens
pension*
perform*
phd*
photocop*
physics
polic*
politic*
portfolio*
practice
practiced
practices
practicing
prereq*
presentation*
presiden*
procrastin*
produc*
prof
profession*
professor*
profit*
profs
program*
project
projector*
projects
promot*
psych
psychol*
publish*
qualifi*
quiz*
read
rearrang*
recession*
reconstruct*
recruit*
register*
registra*
regulat*
reorgani*
report*
requir*
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Table A.2. (continued) 

Structure 1 Structure 2 Work

cubicle*
curricul*
customer*
cv*
deadline*
dean*
delegate
delegated
delegates
delegating
delegation
demot*
department*
dept
desk*
develop*
diplom*
director*
dissertat*
dividend*
doctor*
dorm*
dotcom
downsiz*
dropout*
duti*
duty
earn
earned
earning
earns
econ*
edit*
education
educational
effort*
efl
elementary
employ
employed
employee*
employer*
employment
entrepreneur*
errand*
esl
exam
exams
excel
excelled

research*
resource
resources
resourcing
responsib*
restructur*
resume*
retail*
retire*
retiring
review*
revis*
rhetor*
salar*
schedul*
scholar
scholarly
scholars
scholarship*
scholastic*
school
schooling
schools
schoolwork
scien*
secretar*
sector*
semester*
seminar
seminars
senior*
servic*
session*
shareholder*
sickday*
sickleave*
skill*
sophom*
staff*
stapl*
start-up*
startup*
stipend*
stock
stocked
stocks
student*
studied
studies
studio

(continued)
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Table A.2. (continued) 

Structure 1 Structure 2 Work

excellence
excellent
excelling
excels
exec
executive*
factories
factory
facult*
fail*
fax*
feedback
finaliz*
finals
financ*
fired
firing
foundation*
franchis*
frat
freshm*
gmat
goal*
gov
govern*
gpa
grad
grade*
grading
graduat*
gre
hardwork*
headhunter*
highschool*
hire
hired
hires
hiring
homework*
housework
hr
inc
income*
incorp*
industr*
institut*
instruct*
interview*
inventory

studios
studious
study*
succeed*
success
successes
successful
successfully
supervis*
syllabus*
tasks
taught
tax
taxa*
taxed
taxes
taxing
teach*
team*
tenure*
test
tested
testing
tests
textbook*
theses
thesis
toefl
trade*
trading
transcript*
transfer*
tutor*
typed
typing
underclass*
undergrad*
underpaid
unemploy*
universit*
unproduc*
upperclass*
varsit*
vita
vitas
vocation*
vp*
wage
wages
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Table A.2. (continued) 

Structure 1 Structure 2 Work

invest*
jd
job*
junior*
keyboard*
kinderg*
labor*
labour*
laptop*
law*
layoff*
lead
leader*
leading
leads
learn
learned
learner
learners
learning
learns
learnt
lectur*
legal
legales*
legalis*
legalit*
legaliz*
legally
legals

warehous*
welfare
work
workabl*
worked
worker*
working
works
workshop*
write
writer*
writes
writing
written
wrote
xerox*

Source: Authors’ compilation.
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