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The COVID-19 pandemic and resulting economic crisis exposed the U.S. rental housing market to extraordi-
nary stress. Policymakers at the federal, state, and local levels established eviction moratoria and a number 
of additional direct and indirect renter- supportive measures in a bid to prevent a surge in evictions and as-
sociated public health risks. This article assesses the net efficacy of these interventions, analyzing changes 
in eviction filing patterns in 2020–2021 in thirty- one cities across the country. We find that eviction filings 
were dramatically reduced over this period. The largest reductions were in places that previously experi-
enced highest eviction filing rates, particularly majority- Black and low- income neighborhoods. Although 
these changes did not ameliorate racial, gender, and income inequalities in relative risk of eviction, they did 
significantly reduce rates across the board, resulting in especially large absolute gains in previously high- risk 
communities.
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The COVID-19 pandemic precipitated an eco-
nomic collapse that threatened to spiral into a 
housing crisis, particularly among renters. Job 
losses in the early weeks of the pandemic were 
concentrated in industries and occupations—
particularly in the retail, service, and tourism 
sectors—that disproportionately employ rent-
ers (Kneebone and Murray 2020). Because few 
jobs were available and savings with which to 
weather unemployment were limited (Pew 
Charitable Trusts 2018), these tenants were at 
imminent risk of eviction if they could not 
meet the next month’s rent. Evictions in turn 
raised the prospect of more households ending 
up homeless or doubled- up with friends or rel-
atives, conditions that foster the spread of 
COVID-19. In responding to the unfolding eco-
nomic emergency, policymakers at the federal, 
state, and local levels enacted a range of poli-
cies that offered income support and reduced 
housing instability. These included general 
benefits such as economic impact payments 
(EIPs) and expanded unemployment insurance 
(UI) as well as measures targeted at preventing 
evictions, most notably federal and state evic-
tion moratoria and emergency rental assis-
tance (ERA).

In this article we assess the cumulative ef-
fects of these policies, analyzing changes in 
eviction filing patterns over the first two years 
of the COVID-19 pandemic in thirty- one cities 
across the United States. We address four pri-
mary questions. First, did these policies pre-
vent an increase in eviction cases? Second, were 
these cumulative effects felt equally across cit-
ies? Third, who benefited most from these pol-
icies? We describe the populations that saw 
most dramatic changes in eviction risk since 
the start of the pandemic, show where gains 
accrued, and assess how existing inequalities 
in rental housing precarity changed. Finally, 
fourth, which policies had most pronounced 
effects? Although we cannot estimate the ef-
fects of each policy separately given their tem-
poral co- occurrence, we leverage variation in 
the timing of state and local eviction moratoria 
to estimate the effects of these measures in re-
ducing eviction risk.

To answer these questions, we use adminis-
trative data on case filings collected through 
the Eviction Tracking System (ETS), a tool we 

developed in response to the pandemic (Hep-
burn, Louis, and Desmond 2020a). We find that 
eviction filings were dramatically reduced be-
tween March 15, 2020, and December 31, 2021: 
some 57.6 percent fewer eviction cases than 
normal were filed over this period. The largest 
reductions were in places that previously had 
the highest eviction filing rates, particularly 
majority- Black and low- income neighbor-
hoods. Although these changes did not elimi-
nate racial, gender, and income inequalities in 
the relative risk of eviction exposure, they did 
significantly reduce rates across the board, re-
sulting in especially large absolute gains in pre-
viously high- risk communities. We find that 
eviction moratoria, particularly those that 
halted the earliest stages of the eviction pro-
cess, resulted in significant and durable reduc-
tions in eviction filing rates.

Our findings highlight both the potential 
and the limitations of public policies aimed at 
reducing the prevalence of eviction. We show 
that an unprecedented combination of income 
supports, restrictions to the eviction process, 
and direct payments of rental arrearages to 
landlords resulted in a significant reduction in 
eviction caseloads for a prolonged period. This 
effect appears to have been achieved without 
fundamentally undermining the financial sta-
bility of landlords overall (ATTOM 2021; Choi, 
Pang, and Goodman 2022; Greig, Zhao, and 
Lefevre 2021). The full cost of these prevented 
eviction cases remains unclear, however, and 
variations in the efficacy of policies across ju-
risdictions are a reminder of the challenges 
that arise when attempting to reform estab-
lished regulatory frameworks, especially in 
states with a history of pro- business landlord- 
tenant policies (Hatch 2017).

E x tr aordinary rE actions 
to a MoMEnt of crisis
In response to the COVID-19 pandemic, the fed-
eral government established a range of policies 
that supported renters and, directly or indi-
rectly, may have helped reduce the number of 
eviction cases filed during the pandemic. Many 
of these policies were not specifically devel-
oped to prevent evictions. For instance, al-
though not framed as anti- eviction measures, 
EIPs and temporary expansion of both UI and 
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1. The moratorium ended on July 24, 2020, but protections remained in place for thirty days.

2. An untold number of courts shut down in the early weeks of the pandemic, establishing de facto moratoria 
on eviction cases even in jurisdictions in which no de jure moratorium was established. Courts quickly reopened, 
however, many using video- conference technology to hold hearings remotely.

3. The exception is ERA, which was targeted to low- income renters. Treasury Department guidelines specified 
that recipient households needed to fall at or below 80 percent of area median income. Over the course of 2021, 
nearly two- thirds of all ERA applicants (64 percent) were from households with income below 30 percent of 
area median income (U.S. Department of the Treasury 2022).

the Child Tax Credit significantly improved 
household finances during the pandemic. 
These measures lifted millions of households 
out of poverty (Parolin et al. 2021), and likely 
helped keep rent paid for many families.

Policymakers pursued two sets of policies 
that were directly targeted at reducing eviction 
filing rates: eviction moratoria and ERA. The 
federal government established two eviction 
moratoria in the first year of the pandemic. The 
first, which Congress enacted in the CARES Act, 
restricted eviction filings between March 27 
and August 23, 2020, from buildings that were 
financed, insured, subsidized, guaranteed, or 
otherwise supported by the federal govern-
ment.1 Determining building- level eligibility 
under this policy proved complicated (Ernst-
hausen, Simani, and Shaw 2020); the best esti-
mates suggest that between 28.1 and 45.6 per-
cent of all rental housing was covered (Stein 
and Sutaria 2020). The second moratorium, es-
tablished by the Centers for Disease Control 
and Prevention (CDC) on September 4, 2020, 
limited evictions when tenants provided a dec-
laration attesting that they qualified for protec-
tions. The order was initially set to expire on 
December 31, 2020, but was repeatedly ex-
tended. The Supreme Court found the order 
unconstitutional and struck it down on August 
26, 2021. In addition to these federal measures, 
forty- three states and the District of Columbia 
established their own eviction moratoria in the 
early weeks of the pandemic, as did a number 
of county and municipal governments.2 The 
vast majority of these orders were rescinded or 
allowed to expire by late summer of 2020 (Ben-
fer et al. 2022). Neither federal nor any state 
eviction moratoria unilaterally halted all evic-
tion cases, but in most cases the policies af-
forded protections to the majority of renters.

Recognizing that eviction moratoria delayed 
but did not remove rent obligations, Congress 

implemented a large- scale ERA program to re-
pay rental arrears that accrued due to 
pandemic- related hardship. Between the Con-
solidated Appropriations Act of 2021 (Decem-
ber 2020) and the American Rescue Plan (March 
2021), Congress appropriated $46.6 billion in 
ERA funds. These funds were distributed to 
more than four hundred state, county, local, 
and tribal grantees throughout the country; 
they, in turn, developed application and pay-
ment processes (Yae et al. 2020). The earliest 
ERA payments to landlords were made in the 
first quarter of 2021, distribution increasing 
rapidly as the year progressed. By the end of 
2021, 3.8 million households had received as-
sistance and the Treasury Department reported 
that between $25 and $30 billion was either 
spent or allocated (U.S. Department of the Trea-
sury 2022).

This article explores the net efficacy of these 
interventions. Taken jointly, were eviction mor-
atoria, ERA, and other policies enacted in re-
sponse to the pandemic successful in reducing 
eviction filings? Were reductions in eviction fil-
ings evenly distributed across cities and, if not, 
what inequalities emerged between jurisdic-
tions? If these policies worked, which neigh-
borhoods and which renters saw largest reduc-
tions in filings?

We are particularly interested in analyzing 
what, if anything, these measures did to ame-
liorate socioeconomic, racial- ethnic, and gen-
der disparities in eviction risk that predated 
COVID-19 (Hepburn, Louis, and Desmond 
2020b; Desmond and Gershenson 2017). Many 
of the policies enacted to address the pan-
demic, including most eviction moratoria, of-
fered universal or near- universal benefits.3 Uni-
versalistic policies, however, do not necessarily 
result in a progressive distribution of benefits 
and indeed are often more regressive than tar-
geted or means- tested programs (Hoynes and 
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4. In four court systems—Allegheny County, Pennsylvania, Travis County, Texas, Richmond, Virginia, and New 
York, New York—we rely on zip codes rather than exact defendant addresses. In New York, we do not observe 
defendant names.

5. This sample was not designed to provide robust generalizability nationwide. Notably, coverage of Western 
jurisdictions is limited, extending only as far West as Las Vegas, Nevada, and we do not include any sites that 
never implemented an eviction moratorium. In table 1 of the online supplementary materials we assess charac-
teristics of ETS cities included in analyses here relative to metro areas nationwide and to the United States as 
a whole (see https://www.rsfjournal .org/content/9/3/186/tab-supplemental).

Rothstein 2019). For example, research on clean 
energy tax credits finds that the top income 
quintile receives 60 percent of the benefits 
from the program relative to only 10 percent in 
the bottom three quintiles (Borenstein and Da-
vis 2016). The pandemic presents a test case for 
understanding the effects of a much broader 
set of universalistic policies on existing in-
equalities across a range of domains (see Bitler, 
Hoynes, and Schanzenbach 2023, this issue; 
Bell et al. 2023, this issue). In the case of hous-
ing instability, did these policies help to close 
gaps in eviction risk between groups, leave 
them unchanged, or widen them?

Disentangling the relative effects of these 
various policies is also critical, both in under-
standing what transpired during the pandemic 
and for future policymaking. Could we have 
achieved a significant reduction in eviction fil-
ing rates through income supports alone or 
were eviction moratoria necessary? How many 
eviction cases were avoided as a function of 
rental assistance and at what cost? As a func-
tion of policy co- occurrence and limited data 
availability, we are unable to address all of 
these questions or assess the relative contribu-
tion of each pandemic- era program, but we do 
offer multiple tests of the causal effects of 
strong state and local eviction moratoria in re-
ducing filings.

data and MEthods
We draw on the records of eviction case filings 
collected through the ETS (Hepburn, Louis, 
and Desmond 2020a), a tool we built to better 
understand real- time trends in eviction filings. 
The ETS relies primarily on web- scraping tech-
niques to monitor the filing of new eviction 
cases in a set of jurisdictions across the coun-
try. It allows us to observe case numbers, filing 
dates, plaintiff and defendant names, and ad-
dresses associated with eviction filings.4 We 

clean the data, removing duplicate cases and 
filings against commercial defendants, geo-
code addresses, and associate them with cen-
sus tracts. Using these data, we produce counts 
of new eviction cases that feed into the ETS 
website, where we make aggregate data publicly 
available for download.

The ETS currently collects data from thirty- 
six court systems: six at the state level (covering 
338 counties or county- equivalents), twenty- 
seven at the county level, and three at the mu-
nicipal level. This is a purposive sample of 
court systems that met two inclusion criteria.5 
First, the court must make the necessary data 
available. In most sites these data were col-
lected from public court websites, though in 
several jurisdictions the courts share data di-
rectly (such as Maricopa County, Arizona). Sec-
ond, in each site we must have historical data, 
either taken from the Eviction Lab’s national 
database (Desmond et al. 2018) or collected di-
rectly from the court systems. These historical 
data allow us to establish a baseline against 
which pandemic- era eviction filings can be 
compared. Roughly one in every four renter 
households in the United States lives in a juris-
diction covered by the ETS.

To facilitate comparison across similar 
units, we limit analysis here to counties or cit-
ies in metropolitan areas. We list these thirty- 
one cities in table 1, detailing the exact jurisdic-
tions covered, the historical eviction filing rate 
(EFR) in each, and the years of baseline com-
parison data. Using information about emer-
gency landlord- tenant policies enacted in re-
sponse to the pandemic (Benfer and Koehler 
2022), we list the days, if any, when each site 
established weak or strong eviction protec-
tions. The eviction process generally consists 
of five steps. First, landlords give notice to ten-
ants that they intend to evict them. Second, 
landlords file an eviction case with the courts. 

https://www.rsfjournal.org/content/9/3/TK/tab-supplemental
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Third, a court hearing is held. Fourth, if the 
court finds in the landlord’s favor, an eviction 
judgment is issued against the tenant. Fifth 
and finally, the eviction is executed. We classi-
fied those moratoria that blocked eviction 
cases for nonpayment of rent at one of the first 
three stages without requiring tenant action as 
offering strong protections. All other morato-
ria—those that blocked only one of the last two 
stages or that required renters to submit an af-
firmative declaration of hardship—we classi-
fied as providing weak protection.

As table 1 shows, we draw on data from a 
wide variety of jurisdictions. We have coverage 
in five of the ten largest cities in the country—
Dallas, Houston, New York City, Philadelphia, 
and Phoenix—but also include a number of 
smaller places, such as Gainesville, Florida, 
and Wilmington, Delaware. Cities such as Rich-
mond, Virginia, and Charleston, South Caro-
lina, had extremely high eviction filing rates 
before the pandemic; in others, however, such 
cases were relatively rare. All sites enacted mor-
atoria at the start of the pandemic, often clos-
ing courts due to concerns over the spread of 
COVID-19. However, many state and local gov-
ernments began rolling back these protections 
in mid- 2020: roughly half of all cities (fifteen) 
had no meaningful emergency eviction protec-
tions in place after August 31, 2020; seven main-
tained strong protections.

Eviction Filing Patterns During the Pandemic
Using these data, we document the extent to 
which eviction filings were reduced from the 
start of the COVID-19 pandemic, measured as 
March 15, 2020, through the end of 2021. We 
show, first, how total caseloads fell, month by 
month, across this period. Second, we demon-
strate heterogeneity across cities in the scale of 
these reductions. These analyses demonstrate 
the cumulative effects of pandemic- specific 
policies that reduced eviction risk and high-
light the inequalities that emerged between cit-
ies as a function of both more or less robust 
local policy response and variations in local in-
terpretation and implementation of federal 
policies.

Court filings are thin records; that is, they 
contain relatively little information about those 
facing the threat of eviction or the buildings or 

neighborhoods in which they live. Turning to 
intracity variations in eviction filing reduc-
tions, we augment these data in two ways, each 
of which in turn forms the basis for a set of 
analyses.

First, at the neighborhood level, we assign 
eviction filings to either census tracts or, in 
those sites in which exact addresses were not 
available, zip codes. This allows us to compare 
eviction filing rates over time within stable geo-
graphic units and to merge in tract-  or zip- level 
data from five- year American Community Sur-
vey (ACS) estimates. We analyze changes in the 
distribution of filings, demonstrating the ex-
tent to which reductions in eviction cases were 
evenly or unevenly spread within jurisdictions. 
We pay particular attention to differences in re-
ductions in eviction filings by neighborhood 
racial- ethnic composition and median income. 
These descriptive analyses allow us to show 
which neighborhoods experienced the largest 
and smallest reductions in case filings during 
the pandemic.

Second, we conduct a series of analyses at 
the individual level. Because defendant gender 
and race- ethnicity are not listed in eviction re-
cords, we imputed demographic characteristics 
on the basis of defendants’ names and ad-
dresses (Hepburn, Louis, and Desmond 2020b; 
Hepburn et al. 2021). We produced three predic-
tions of defendant gender using the R packages 
gender (Mullen 2018) and genderizeR (Wais 
2016), and the web service Gender API (2022). 
Drawing on first names, each method produces 
a prediction (0 to 1) that the defendant is fe-
male and the inverse probability they are male. 
We took the mean across available predictions. 
To impute defendants’ race- ethnicity, we used 
a Bayesian predictor algorithm—the wru pack-
age in R (Khanna, Imai, and Jin 2017)—that cal-
culates race- ethnicity probabilities on the basis 
of two Census Bureau data sets: the Surname 
List and the 2010 Census. These data sets pro-
vide, respectively, the frequencies with which 
common surnames are associated with racial- 
ethnic groups and the racial- ethnic composi-
tion of each tract in the United States. Jointly, 
they enable us to estimate the conditional 
probability of a defendant’s race- ethnicity, 
given their surname and geolocation. This pro-
cess produces counts of eviction filings disag-



Ta
bl

e 
1. 

ET
S

 S
am

pl
e 

C
ha

ra
ct

er
is

tic
s

C
ity

Ju
ris

di
ct

io
n(

s)
Re

gi
on

Re
nt

er
  

H
ou

se
ho

ld
s

B
as

el
in

e 
 

Fi
lin

g 
 

Ra
te

B
as

el
in

e 
Ye

ar
s

W
ea

k 
M

or
.  

D
at

es
d

S
tr

on
g 

M
or

.  
D

at
es

d

A
lb

uq
ue

rq
ue

, N
M

B
er

na
lil

lo
 C

ou
nt

y
W

99
,0

91
11

.0
20

17
–2

01
9

3/
24

/2
02

0–
O

ng
oi

ng
A

us
tin

, T
X

Tr
av

is
 C

ou
nt

y
S

22
5,

01
0

4.
1

20
14

–2
01

9
3/

17
/2

02
0–

O
ng

oi
ng

B
os

to
n,

 M
A

C
ity

 o
f B

os
to

n 
an

d 
se

ve
ra

l 
su

rr
ou

nd
in

g 
to

w
ns

a

N
E

29
2,

93
3

2.
7

20
12

, 2
01

3,
 2

01
5,

 
20

16
c

12
/3

1/
20

20
–

O
ng

oi
ng

03
/1

3/
20

20
–

10
/1

8/
20

20
B

rid
ge

po
rt

, C
T

Fa
irfi

el
d 

C
ou

nt
y

N
E

11
2,

07
8

3.
6

20
17

–2
01

9
3/

16
/2

02
0–

7/
1/

20
21

C
ha

rle
st

on
, S

C
C

ha
rle

st
on

 C
ou

nt
y

S
61

,2
09

24
.4

20
16

–2
01

9
3/

16
/2

02
0–

5/
15

/2
02

0
C

in
ci

nn
at

i, 
O

H
H

am
ilt

on
 C

ou
nt

y
M

W
14

3,
88

9
8.

9
20

12
–2

01
6

3/
13

/2
02

0–
6/

7/
20

20
C

le
ve

la
nd

, O
H

C
ity

 o
f C

le
ve

la
nd

M
W

99
,8

50
9.

8
20

12
, 2

01
3,

 2
01

5,
 

20
16

3/
16

/2
02

0–
6/

15
/2

02
0

C
ol

um
bu

s,
 O

H
Fr

an
kl

in
 C

ou
nt

y
M

W
23

8,
40

2
7.

7
20

12
, 2

01
3,

 2
01

5
3/

17
/2

02
0–

6/
1/

20
20

D
al

la
s,

 T
X

D
al

la
s 

C
ou

nt
y

S
46

4,
12

1
8.

7
20

17
–2

01
9

3/
18

/2
02

0–
6/

16
/2

02
0

Fo
rt

 W
or

th
 a

nd
 D

en
to

n,
 T

X
Ta

rr
an

t a
nd

 D
en

to
n 

C
ou

nt
ie

s
S

38
1,

00
9

9.
9

20
16

–2
01

9
5/

20
/2

02
0–

5/
28

/2
02

0
3/

17
/2

02
0–

5/
19

/2
02

0
G

ai
ne

sv
ill

e,
 F

L
A

la
ch

ua
 C

ou
nt

y
S

44
,0

82
3.

6
20

17
–2

01
9

8/
4/

20
20

–
10

/1
/2

02
0

4/
2/

20
20

– 
8/

3/
20

20
G

re
en

vi
lle

, S
C

G
re

en
vi

lle
 C

ou
nt

y
S

62
,7

47
23

.1
20

16
–2

01
9

3/
17

/2
02

0–
3/

18
/2

02
0

3/
18

/2
02

0–
5/

15
/2

02
0

H
ar

tf
or

d,
 C

T
H

ar
tf

or
d 

C
ou

nt
y

N
E

12
5,

76
8

4.
8

20
17

–2
01

9
3/

16
/2

02
0–

7/
1/

20
21

 (c
on

tin
ue

d)



H
ou

st
on

 a
nd

 G
al

ve
st

on
, T

X
H

ar
ris

 a
nd

 G
al

ve
st

on
 

C
ou

nt
ie

s
S

76
8,

35
7

7.
6

20
12

–2
01

5
5/

20
/2

02
0–

5/
28

/2
02

0;
 

2/
17

/2
02

1–
4/

1/
20

21

3/
19

/2
02

0–
5/

19
/2

02
0

In
di

an
ap

ol
is

, I
N

M
ar

io
n 

C
ou

nt
y

M
W

17
1,

81
4

16
.7

20
16

–2
01

9
3/

19
/2

02
0–

8/
15

/2
02

0
Ja

ck
so

nv
ill

e,
 F

L
D

uv
al

 C
ou

nt
y

S
15

5,
56

7
7.

7
20

12
–2

01
6

3/
19

/2
02

0–
4/

2/
20

20
; 

7/
28

/2
02

0–
10

/1
/2

02
0

4/
2/

20
20

–
7/

28
/2

02
0

K
an

sa
s 

C
ity

, M
O

Ja
ck

so
n 

C
ou

nt
y

M
W

11
9,

67
4

7.
5

20
12

–2
01

5
3/

19
/2

02
0–

6/
1/

20
20

1/
11

/2
02

1–
1/

24
/2

02
1

La
s 

Ve
ga

s,
 N

V
C

la
rk

 C
ou

nt
yb

W
36

2,
27

2
10

.1
20

16
–2

01
9

12
/1

5/
20

20
–

5/
31

/2
02

1
3/

17
/2

02
0–

10
/1

5/
20

20
M

em
ph

is
, T

N
S

he
lb

y 
C

ou
nt

y
S

15
7,

84
7

17
.1

20
16

–2
01

9
3/

13
/2

02
0–

6/
15

/2
02

0
M

ilw
au

ke
e,

 W
I

M
ilw

au
ke

e 
C

ou
nt

y
M

W
19

3,
12

1
6.

7
20

12
–2

01
6

3/
23

/2
02

0–
5/

26
/2

02
0

M
in

ne
ap

ol
is

-S
t. 

Pa
ul

, M
N

H
en

ne
pi

n 
an

d 
Ra

m
se

y 
C

ou
nt

ie
s

M
W

27
5,

97
2

2.
9

20
12

–2
01

9
3/

16
/2

02
0–

O
ng

oi
ng

N
ew

 O
rle

an
s,

 L
A

O
rle

an
s 

Pa
ris

h
S

79
,5

79
7.

7
20

19
3/

13
/2

02
0–

3/
16

/2
02

0
3/

17
/2

02
0–

6/
16

/2
02

0
N

ew
 Y

or
k,

 N
Y

B
ro

nx
, K

in
gs

, N
ew

 Y
or

k,
 

Q
ue

en
s,

 a
nd

 R
ic

hm
on

d 
C

ou
nt

ie
s

N
E

2,
13

2,
39

7
10

.6
20

16
–2

01
8

10
/1

3/
20

20
–

12
/2

7/
20

20
; 

2/
27

/2
02

1–
O

ng
oi

ng

3/
16

/2
02

0–
10

/1
2/

20
20

; 
12

/2
8/

20
20

–
2/

27
/2

02
1

Ph
ila

de
lp

hi
a,

 P
A

Ph
ila

de
lp

hi
a 

C
ou

nt
y

N
E

28
2,

46
5

7.
5

20
16

–2
01

9
3/

16
/2

02
0;

 
9/

2/
20

20
–7

/1
/2

02
1

3/
17

/2
02

0–
9/

1/
20

20
Ph

oe
ni

x,
 A

Z
M

ar
ic

op
a 

C
ou

nt
y

W
58

6,
80

4
10

.9
20

15
–2

01
9

3/
24

/2
02

0–
10

/3
1/

20
20

Ta
bl

e 
1. 

(c
on

tin
ue

d)

C
ity

Ju
ris

di
ct

io
n(

s)
Re

gi
on

Re
nt

er
  

H
ou

se
ho

ld
s

B
as

el
in

e 
 

Fi
lin

g 
 

Ra
te

B
as

el
in

e 
Ye

ar
s

W
ea

k 
M

or
.  

D
at

es
d

S
tr

on
g 

M
or

.  
D

at
es

d



Pi
tt

sb
ur

gh
, P

A
A

lle
gh

en
y 

C
ou

nt
y

N
E

19
3,

41
1

7.
1

20
12

–2
01

9
3/

16
/2

02
0–

3/
18

/2
02

0;
 

3/
5/

20
21

–8
/3

/2
02

1

3/
19

/2
02

0–
9/

1/
20

20
; 

11
/2

4/
20

20
–

2/
28

/2
02

1
Ri

ch
m

on
d,

 V
A

Ri
ch

m
on

d 
C

ity
 a

nd
 

C
he

st
er

fie
ld

 C
ou

nt
y

S
82

,0
80

24
.8

20
16

6/
30

/2
02

0–
O

ng
oi

ng
3/

13
/2

02
0–

5/
25

/2
02

0;
 

6/
8/

20
20

–
6/

29
/2

02
0

S
ou

th
 B

en
d,

 IN
S

t. 
Jo

se
ph

 C
ou

nt
y

M
W

32
,4

20
9.

1
20

16
–2

01
9

3/
19

/2
02

0–
8/

15
/2

02
0

S
t. 

Lo
ui

s,
 M

O
S

t. 
Lo

ui
s 

C
ity

 a
nd

 C
ou

nt
y

M
W

20
7,

61
9

7.
2

20
12

, 2
01

3,
 2

01
5,

 
20

16
c

3/
25

/2
02

0–
4/

5/
20

21
; 

4/
27

/2
02

1–
6/

30
–

20
21

; 9
/8

/2
02

1–
10

/3
/2

02
1;

 
12

/2
2/

20
21

–
O

ng
oi

ng

3/
16

/2
02

0–
3/

24
/2

02
0

Ta
m

pa
, F

L
H

ill
sb

or
ou

gh
 a

nd
 P

in
el

la
s 

C
ou

nt
ie

s
S

35
2,

37
6

5.
0

20
16

–2
01

9
3/

20
/2

02
0–

4/
1/

20
20

; 
8/

12
/2

02
0–

10
/1

/2
02

0

4/
2/

20
20

–
8/

11
/2

02
0

W
ilm

in
gt

on
, D

E
N

ew
 C

as
tle

 C
ou

nt
y

N
E

66
,0

82
17

.1
20

16
–2

01
9

3/
17

/2
02

0–
7/

1/
20

20

So
ur

ce
: A

ut
ho

rs
’ c

al
cu

la
tio

ns
 b

as
ed

 o
n 

th
e 

A
m

er
ic

an
 C

om
m

un
ity

 S
ur

ve
y, 

20
15

–2
01

9 
(U

.S
. C

en
su

s 
B

ur
ea

u 
20

20
); 

D
es

m
on

d 
et

 a
l. 

20
18

; B
en

fe
r a

nd
 K

oe
hl

er
 

20
22

.
a 
B

os
to

n 
co

ve
rs

 c
as

es
 in

 B
os

to
n 

M
un

ic
ip

al
 C

ou
rt

, B
ro

ok
lin

e 
D

is
tr

ic
t C

ou
rt

, C
am

br
id

ge
 D

is
tr

ic
t C

ou
rt

, C
he

ls
ea

 D
is

tr
ic

t C
ou

rt
, E

as
te

rn
 H

ou
si

ng
 C

ou
rt

, N
ew

to
n 

D
is

tr
ic

t C
ou

rt
, a

nd
 S

om
er

vi
lle

 D
is

tr
ic

t C
ou

rt
. T

hi
s 

co
ve

rs
 A

rli
ng

to
n,

 B
os

to
n,

 B
ro

ok
lin

e,
 B

el
m

on
t, 

C
am

br
id

ge
, C

he
ls

ea
, M

ed
fo

rd
, N

ew
to

n,
 R

ev
er

e,
 S

om
er

vi
lle

, a
nd

 
W

in
th

ro
p 

To
w

n.
 

b  F
ili

ng
s 

in
 L

as
 V

eg
as

 a
re

 c
ol

le
ct

ed
 fr

om
 L

as
 V

eg
as

, N
or

th
 L

as
 V

eg
as

, a
nd

 H
en

de
rs

on
 Ju

st
ic

e 
C

ou
rt

s.
 T

he
se

 a
re

 th
e 

th
re

e 
m

os
t a

ct
iv

e 
co

ur
ts

 in
 C

la
rk

 C
ou

nt
y 

bu
t 

do
 n

ot
 p

ro
vi

de
 c

om
pl

et
e 

co
ve

ra
ge

 fo
r t

he
 c

ou
nt

y.
c  B

as
el

in
e 

ye
ar

s 
di

ffe
r w

ith
in

 s
ite

 d
ep

en
di

ng
 o

n 
co

un
ty

 o
f c

ou
rt

.
d  O

ng
oi

ng
 is

 a
s 

of
 th

e 
en

d 
of

 2
02

1.



19 4  t H e  s o c i o e c o n o m i c  i m Pa c t s  o f  t H e  c o v i D -1 9  Pa n D e m i c

r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

6. For details on the calculation of denominators for these rate estimates, see Hepburn et al. 2020b.

7. Researchers have used similar methods and variation in the timing of these policies to estimate the effects of 
eviction moratoria on health outcomes, such as COVID-19 incidence and mortality or mental health indicators 
(Leifheit, Linton, et al. 2021; Leifheit, Pollack, et al. 2021).

8. Information on state and local moratoria were collected using legal mapping and policy surveillance tech-
niques (Benfer and Koehler 2022). We assign a site’s moratorium level based on the maximum strength of an 
order in the geography, enacted for the majority of a given week. For example, if St. Louis County has a strong 
moratorium for four of seven days of a given week and St. Louis City only has a weak moratorium during that 
time, we define St. Louis as having a strong moratorium. Unemployment rate data comes from Federal Reserve 
Economic Data and the Bureau of Labor Statistics. Data on ERA distribution comes from the National Low In-
come Housing Coalition’s ERA Dashboard, and represents the maximum percentage of ERA distributed among 
all programs available in a given site.

9. Results analyzing the effects of any moratorium are presented in the online supplementary materials.

gregated by gender and race- ethnicity. We di-
vide these counts by the number of renters in 
the respective group to produce EFRs, which 
we in turn use to demonstrate differences by 
race- ethnicity and gender.6

Causal Effects of Eviction Prevention Policies
We leverage the staggered roll- out and repeal 
of state and local eviction moratoria to isolate 
the causal effects of these policies on eviction 
filings.7 To do so, we use a difference- in- 
differences (DID) framework, identifying the 
effect of strong moratoria on eviction filings 
relative to historical averages. We use ordinary 
least squares (OLS) regression to model evic-
tion filings as a percent of historical average (Y) 
in a given site (s) and week (t) as follows:

Yst =  α + Σ–2
y=–53βy

1msy + Σ93
y=0βy

2msy + γXst  
+ λs + φt + est (1)

In equation 1, Xst is a vector of time- varying 
covariates and λs and φt are site and week fixed 
effects, respectively. Covariates included are 
unweighted county- level monthly unemploy-
ment rates and the state’s percent of ERA dis-
bursed from the December 2020 federal relief 
package. The m terms in this equation are bi-
nary indicators of moratoria status. We define 
a moratorium as an order that halted the evic-
tion process for nonpayment of rent at any 
stage between the notice stage and the execu-
tion of an eviction.8 In the main results pre-
sented here, we focus on the effects of strong 
moratoria: those that halted the eviction pro-
cess at either the notice, filing, or court hearing 

stage of the eviction process without requiring 
tenant action.9 The subscript y on these terms 
refers to event time, which are weekly intervals 
relative to the week when moratoria were en-
acted (for example, –2 refers to two weeks be-
fore moratoria were enacted). Thus the variable 
msy denotes a series of binary indicators equal 
to 1 if the moratoria for a given site had oc-
curred during or before the week associated 
with event- time period y.

This model estimates the difference in out-
comes for leads (Σ–2

y=–53βy
1msy) and lags (Σ93

y=0βy
2msy) 

of moratoria enactment relative to a reference 
week (y = –1) and relative to all sites that did not 
enact moratoria during the study period (where 
msy = 0 for all event periods). These relative dif-
ferences are captured by the coefficients βy. By 
allowing associations between exposure and 
the outcome to vary over time, our specifica-
tion represents a generalization of the method 
of difference- in- differences, often referred to as 
the event study specification (Goodman- Bacon 
2021; Venkataramani et al. 2020; Sandoval- 
Olascoaga, Venkataramani, and Arcaya 2021). 
In addition to allowing for time- varying expo-
sure and treatment effects, the event study 
specification provides a more transparent test 
of violations of the parallel trends assumptions 
(by examining trends in the event time coeffi-
cients leading up to moratoria). For ease of vi-
sualization and to reduce week- to- week varia-
tion, we bin event- time y as follows: –3 (less 
than minus eight weeks), –2 (minus eight to 
minus five weeks), –1 (minus four to minus one 
weeks), 0, 1 (one to four weeks), 2 (five to eight 
weeks), 3 (nine to twelve weeks), and 4 (more 
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10. For more, see the online supplementary materials.

than twelve weeks) (results with unbinned 
week- time are presented in the supplementary 
materials). Some sites enacted a second mora-
torium after the expiration of their first order, 
and we include both sets of moratoria in analy-
ses.

The majority of moratoria were enacted at 
around the same time at the start of the pan-
demic, which limits the power of our model. 
We therefore also present results from a period 
between April and November 2020 when initial 
state and local moratoria expired in staggered 
weeks. Because these analyses focus on the pe-
riod when moratoria were being rolled back, 
treatment in these specifications is flipped 
from our earlier models: in this period, we de-
fine treatment as going from a strong morato-
rium to no strong moratorium.

Results are substantively similar across sev-
eral alternative specifications (for example, 
testing count models in place of OLS, testing 
the effects of any moratoria rather than just 

strong moratoria, and using alternative estima-
tors to two- way fixed effects).10

rEsults
Between March 15, 2020, and December 31, 
2021, we recorded the filing of 594,352 eviction 
cases in the thirty- one cities in our sample. 
Historical data from the same sites indicate 
that this was 57.6 percent lower than average 
for this period (42.4 percent of the 1,401,081 
cases typically filed). In figure 1, we plot evic-
tion filings relative to normal from January 
2020 through December 2021. The figure also 
provides a timeline of when major federal pol-
icies that could have reduced eviction risk were 
implemented.

Filings were reduced most dramatically in 
the early months of the pandemic, dropping as 
low as 8.6 percent of historical average in April 
2020. By fall 2020—with the CDC eviction mor-
atorium in place nationwide—this rate had 
 increased to approximately 50 percent of his-

Figure 1. Eviction Filings Relative to Historical Average Across All Sites

Source: Authors’ calculations based on baseline and pandemic-era eviction filing data collected 
through the ETS (Hepburn, Louis, and Desmond 2020a).
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torical average (Hepburn et al. 2021). Filings re-
mained around this level throughout the dura-
tion of the CDC moratorium, and increased 
slightly after it was struck down by the Su-
preme Court in late August 2021 (Rangel et al. 
2021).

Variation Between Cities
Just as cities’ eviction filing rates varied before 
the pandemic, we also observed differences be-
tween cities in the scale of eviction filing reduc-
tions during the pandemic. Variations in local 
interpretation and implementation of federal 
eviction moratoria—as well as establishment 
of additional state-  or local- level eviction pro-
tections—led to considerable heterogeneity in 
eviction filing rates (Hepburn et al. 2021; Ran-
gel et al. 2021). Simply as a function of where 
they lived, tenants struggling to pay rent were 
at much greater risk of receiving an eviction fil-
ing in some cities than in others. In figure 2, we 
plot cumulative eviction filings over the study 
period relative to historical average in each city. 
Case filings ranged from 15.2 percent of his-
torical average in Austin to 78.2 percent in Las 
Vegas.

Cities that enacted the most stringent and 

longest- duration eviction moratoria cluster on 
the left side of figure 2. Of the ten cities with 
lowest filings relative to average, all were cov-
ered by strong eviction moratoria in the early 
days of the pandemic and eight maintained 
these protections through at least summer 
2020. For example, apart from exceptional cir-
cumstances (such as tenants engaged in crim-
inal activity or creating unsafe living condi-
tions), landlords in Minneapolis- St. Paul could 
not start the eviction process between March 
16, 2020, and June 30, 2021. Over the full study 
period, eviction filings fell by 81.7 percent in 
the Twin Cities. By comparison, of the ten cit-
ies with the highest filings relative to average, 
four ended all state and local protections by 
early June 2020, and only one (Las Vegas) had 
strong protections in place after August 2020. 
In Las Vegas, filings were generally below his-
torical averages when Nevada had strong pro-
tections in place but skyrocketed well above 
average during periods when protections 
lifted.

Even among cities that enacted similar pro-
tections—or where protections were in place 
only for a relatively short period—variation in 
the rate of eviction filings relative to normal 

Figure 2. Eviction Filings, First Eighteen Months of Pandemic Relative to Historical Average

Source: Authors’ calculations based on baseline and pandemic-era eviction filing data collected 
through the ETS (Hepburn, Louis, and Desmond 2020a).
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11. None of the EFR estimates presented here correct for serial eviction filings—cases filed repeatedly against 
the same household at the same address over a series of months (Leung, Hepburn, and Desmond 2021).

was considerable. For example, neither Green-
ville nor Columbus had eviction moratoria in 
place after June 1, 2020, but filings were re-
duced by two- thirds overall in the former com-
pared to one- third in the latter. These inequal-
ities played out within as well as between 
states: renters in Cleveland were far better in-
sulated from the threat of eviction during the 
pandemic than their peers in Cincinnati and 
Columbus, even though none had a morato-
rium in place after June 15, 2020.

Variation Between Neighborhoods
Reductions in eviction filings were far larger in 
areas that typically see very high EFRs. In 
neighborhoods that normally see the fewest 
eviction filings—those in the first quintile of 
historical baseline EFRs—filings fell 38.9 per-
cent during the pandemic. By comparison, fil-
ings fell 62.4 percent in neighborhoods that 
normally see the highest filing rates (fifth quin-
tile of baseline EFR). Because such neighbor-

hoods experience far more filings under nor-
mal conditions, these larger proportional 
reductions translated into very large reductions 
in absolute caseloads. In figure 3, we categorize 
all neighborhoods by their pre- pandemic EFR 
and plot the total number of “missing” eviction 
filings (number of cases avoided) over this pe-
riod.

In total, about 476,000 eviction cases were 
likely averted in neighborhoods with baseline 
EFRs in the top quintile. Under normal circum-
stances, the median EFR among such neigh-
borhoods was 17.4 percent. During the pan-
demic it fell to 8.3 percent.11 In other words, 
more than one in six residents of these neigh-
borhoods typically faced an eviction filing each 
year, but only about one in twelve risked evic-
tion during the pandemic. Approximately 
325,000 cases were averted across the other four 
quintiles of the distribution. Each saw a relative 
reduction in filing rates, but the vast majority 
of cases prevented during the pandemic were 

Figure 3. Absolute Reduction in Eviction Case Filings, by Baseline Eviction Filing Rate

Source: Authors’ calculations based on baseline and pandemic-era eviction filing data collected 
through the ETS (Hepburn, Louis, and Desmond 2020a).
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12. Neighborhood racial- ethnic majority and median incomes were determined on the basis of ACS five- year 
estimates from 2015 to 2019 for the full population (not just those living in rental housing).

from neighborhoods that normally saw very 
high filing rates.

Were these changes evenly distributed de-
pending on the racial- ethnic composition of 
neighborhoods? Again, the largest relative re-
ductions accrued to areas that typically see 
highest eviction filing rates: majority- Black 
neighborhoods. Filings fell by 56.0 percent in 
the typical majority- Black neighborhood, rela-
tive to 51.2 percent in majority- White neighbor-
hoods, 49.9 percent in majority- Latino neigh-
borhoods, and 51.3 percent in neighborhoods 
with no racial- ethnic majority. Among majority- 
Black neighborhoods, around one in eight (12 
percent) saw eviction filings exceed 75 percent 
of historical average during the pandemic,  
but this was true for more than one in four 
majority- White neighborhoods (26.1 percent). 
Although this did not eliminate racial- ethnic 
disparities in the risk of eviction, it reduced 
their scale considerably. In figure 4, we plot 
baseline and pandemic- era median EFRs in 

majority- Black, majority- Latino, and majority- 
White neighborhoods, as well as those neigh-
borhoods with no racial- ethnic majority.12

Under normal circumstances, the typical 
majority- Black neighborhood in our sample 
had an EFR of 12.2 percent, 8.5 percentage 
points higher than that in a majority- White 
neighborhood (3.7 percent). That gap narrowed 
to 3.5 percentage points during the pandemic. 
Still, the typical majority- Black neighborhood 
had an EFR during the pandemic that was 
higher than the typical White neighborhood 
pre- pandemic (5.3 percent versus 3.7 percent). 
Even with filing rates cut by more than half, the 
risk of eviction in majority- Black neighbor-
hoods was greater than equivalent risk in 
majority- White spaces before the pandemic.

We also examined changes in filing rates by 
neighborhood income. We computed quintiles 
of neighborhood median household income 
across all cities in our sample and calculated 
baseline and pandemic- era EFRs for neighbor-

Figure 4. Median Eviction Filing Rates Prior to and During the COVID-19 Pandemic by Neighborhood 
Racial-Ethnic Majority

Source: Authors’ calculations based on American Community Survey, 2015–2019 (U.S. Census Bureau 
2020) and baseline and pandemic-era eviction filing data collected through the ETS (Hepburn, Louis, 
and Desmond 2020a).
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13. Estimates for the denominators for filing rates are based on ACS five- year data from 2014 to 2018 in Public 
Use Microdata Areas (for more information, see Hepburn, Louis, and Desmond 2020b).

hoods in each category. We plot median rates 
in figure 5.

The income gradient on eviction risk is 
steep. Under normal circumstances, the me-
dian EFR in a neighborhood where annual 
household incomes fell below $37,251 (quintile 
one) was almost four times higher than in a 
neighborhood with household incomes above 
$89,604 (quintile five; 10.7 percent versus 2.8 
percent). Even as filings were reduced during 
the pandemic, the shape and scale of the dis-
tribution remained the same. Put another  
way, relative disparities in eviction filing rates 
by neighborhood income were maintained 
throughout the pandemic. Still, the absolute 
reduction in case filings meant that a neighbor-
hood in the first quintile of the household in-
come distribution experienced a filing rate dur-
ing the pandemic that was greater than normal, 
pre- pandemic EFR in a neighborhood in quin-
tile four (4.9 percent versus 4.3 percent).

Variation in Individual Risk
We now turn to the individual level to assess 
the extent of changes in eviction patterns de-
pending on the race- ethnicity and gender of 
defendants.13 During the study period, we 
found that Asian renters in these cities faced 
an average EFR of 1.3 percent, Black renters 4.2 
percent, Latino renters 2.2 percent, and White 
renters 2.6 percent.

Across ETS cities, the Black EFR during the 
pandemic fell by between 9.5 percent in Las Ve-
gas and 87.8 percent in Austin. Generally, re-
ductions relative to average were similar within 
cities regardless of race- ethnicity. In Albuquer-
que, for example, pandemic EFRs were approx-
imately 60 percent below historical average for 
members of all racial- ethnic groups. In several 
sites, however, the reductions for Black renters 
were notably larger than for White renters. This 
was true of Boston, Bridgeport, Gainesville, 
Hartford, Houston, Milwaukee, and New Or-

Figure 5. Median Eviction Filing Rates Prior to and During the COVID-19 Pandemic by Neighborhood 
Median Annual Household Income

Source: Authors’ calculations based on American Community Survey, 2015–2019 (U.S. Census Bureau 
2020) and baseline and pandemic-era eviction filing data collected through the ETS (Hepburn, Louis, 
and Desmond 2020a).
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14. The sample comprises thirty rather than thirty- one cities because New York City is excluded from these 
analyses. We do not collect defendant names in New York.

leans. Still, baseline filing rates were generally 
much higher for Black renters than White rent-
ers in these sites. Even with larger relative re-
ductions, the EFRs recorded for Black renters 
during the pandemic were higher—often con-
siderably higher—than among their White 
peers.

Eviction filings disproportionately target 
women (Desmond 2016; Hepburn, Louis, and 
Desmond 2020b). This remained true during 
the pandemic, but the gender disparity was re-
duced. Normally, we estimate that 51.9 percent 
of people facing eviction across these cities 
were women and 43.5 percent were men (gen-
der predictions cannot be made for the remain-
ing 4.7 percent of defendants).14 During the 
pandemic, we estimate that 49.2 percent of fil-
ings were against women, that 45.2 percent 
were against men, and that no prediction was 
possible for the remaining 5.6 percent.

In figure 6, we combine these estimates to 
show how the distribution of eviction filings 
has shifted during the pandemic. We plot EFRs 

before and during the pandemic, cross- 
classified by defendant race- ethnicity and gen-
der.

Before the pandemic, Black women in these 
cities faced a median EFR of 7.9 percent, mean-
ing that approximately one in twelve would face 
the risk of eviction annually. During the pan-
demic, that figure was reduced to 3.7 percent, 
or a risk of about one in twenty- seven. Before 
the pandemic, gender disparities in eviction fil-
ing rates were largest among Black renters (7.9 
percent for Black women versus 7.5 percent for 
Black men). That gap was reversed during the 
pandemic, leaving Black men at highest risk of 
facing eviction (4.0 percent).

Assessing the Efficacy of Eviction Moratoria
Finally, we examine the effects that moratoria 
had in reducing the filings of eviction cases. As 
specified in equation (1), we identified the ef-
fects of strong moratoria on eviction filings rel-
ative to historical averages, comparing eviction 
filings before and after treatment of a strong 

Figure 6. Eviction Filing Rates by Defendant Race-Ethnicity and Gender, Before and During the 
COVID-19 Pandemic

Source: Author’s calculations based on American Community Survey, 2015–2019 (U.S. Census Bureau 
2020); Mullen 2018; Wais 2016; Gender API 2022; Khanna, Imai, and Jin 2017; and baseline and pan-
demic-era eviction filing data collected through the ETS (Hepburn, Louis, and Desmond 2020a).
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15. In these analyses, we include filings from January 5, 2020, through January 1, 2022, in order to start and end 
our analysis period at the bookends of calendar weeks. Unlike in our descriptive analyses, we do not begin our 
period of analysis on March 15, 2020.

state or local moratorium.15 We define a strong 
moratorium as one that halted the notice, fil-
ing, or hearing stage of the eviction process un-
less it required a declaration of hardship due 
to COVID-19. Results are presented in figure 7.

Strong state and local eviction moratoria 
significantly reduced eviction filings relative to 
historical averages. Point estimates imply that 
a strong moratorium reduced eviction filings 
as a percent of historical averages by 21.3 per-
centage points (CI [confidence interval]: 9.5, 
33.2) in a given site in the four weeks immedi-
ately after implementation and gradually in-
creased to 28.7 percentage points (CI: 12.2, 45.2) 
for more than twelve weeks after implementa-
tion. In other words, given an area at 70 percent 
of historical baseline levels, establishing a 
strong state or local moratorium would have 
reduced filings, on average, to around 41 to 49 
percent of baseline. Parallel trends assump-
tions are plausible given pre- treatment trends.

The majority of strong moratoria were en-
acted over the course of a few weeks at the start 
of the pandemic. Just four cities were not fully 
covered by a strong moratorium over the length 
of this initial period, and each of them was cov-

ered at least by a weak eviction moratorium 
(that is, no sites in our sample failed to imple-
ment a moratorium). Thus our control group 
does not represent a situation lacking eviction 
prevention measures or supports available to 
renters. Even in the control setting, weak mor-
atoria and site- invariant federal policies re-
duced filings. Our results, therefore, are a mea-
sure of the additional protection against 
eviction filings that strong state and local poli-
cies afforded during the study period above and 
beyond concurrent pandemic policies.

The lack of a robust control group limits our 
ability to identify precise estimates in the 
above results. We therefore also present results 
from the six months between April and Novem-
ber 2020, when initial state and local moratoria 
expired in a more staggered time frame. Of the 
twenty- seven sites in our sample with strong 
moratoria on April 12, 2020, only four still had 
that order in place by November 14, 2020. We 
exploit variation in the timing of sites lifting 
their moratoria to estimate the effects of these 
policies. Treatment in this specification is 
flipped from our earlier models: for these re-
sults, we define treatment as going from a 

Figure 7. Event Study of Enactment of Strong Moratoria, 2020–21 

Source: Authors’ calculations.
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16. Sites that never enacted a strong moratorium and sites that switched on and off during this period are ex-
cluded from the analysis. Within this period, the federal CARES Act moratorium expired and the CDC morato-
rium began. Though time fixed effects are included in these models to control for such site- invariant conditions, 
results are robust to further limiting the period to before the expiration of the CARES Act. Only the unemploy-
ment rate covariate is included in these regressions.

17. An assumption made in this reverse- DID specification is that effects of a moratorium do not carry over to 
future untreated periods.

strong moratorium to no strong moratorium. 
Thus, a positive coefficient on a post- treatment 
period would indicate that the expiration of a 
moratorium led to an increase in filings relative 
to historical averages. Results are presented in 
figure 8.16

As strong eviction moratoria were repealed, 
eviction filings increased markedly. Estimates 
imply that the rolling back of a strong morato-
rium increased eviction filings as a percentage 
of historical averages by 43.6 percentage points 
(CI: 23.4, 63.8) in a given site in the four weeks 
immediately after implementation. Effects fluc-
tuated modestly in following periods but ranged 
from 34.7 to 42.4 percentage points.  Alternative 
specifications—using a Poisson model; with a 
relaxed definition of moratoria; where no co-
variates were included; where weeks were not 
binned; where the dependent variable was log- 
transformed; where we removed trailing non-

treated weeks from treated sites; and results 
that follow the methods of Liyang Sun and 
Sarah Abraham (2021) and Clément de Chaise-
martin and Xavier D’Hault fœuille (2020)—are 
largely consistent with those presented here 
(see the online supplementary materials). Over-
all, our results indicate that state and local mor-
atoria significantly reduced eviction filings rela-
tive to historical averages.17

discussion
The COVID-19 pandemic and resulting eco-
nomic fallout exposed the U.S. rental housing 
market to an extraordinary level of stress. Be-
fore the pandemic, nearly half of all renters 
were cost burdened (JCHS 2020), and few had 
the personal savings to weather an unexpected 
financial shortfall (Pew Charitable Trusts 2018). 
As millions lost their jobs in March and April 
of 2020, the concern that a surge in eviction 

Figure 8. Event Study of Expiration of Strong Moratoria, April 12 to November 14, 2020

Source: Authors’ calculations.
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18. In the supplementary materials, we exploit the staggered expiration of expanded UI benefits between May 
and December 2021 to conduct a similar analysis, controlling for county- level unemployment rate, strength of 
state/local moratorium, and ERA distribution. We find little or no effect of the cessation of these benefits.

cases might follow was well founded. Under 
strong economic conditions, millions annually 
risk losing their homes to eviction (Gromis et 
al. 2022), a threat felt most acutely by Black 
renters in poor, urban communities (Hepburn, 
Louis, and Desmond 2020b; Desmond and Ger-
shenson 2017). How much worse would it get?

In this article, we demonstrate the extent to 
which, cumulatively, policies enacted at the lo-
cal, state, and federal levels averted this poten-
tial calamity. In the thirty- one cities we ana-
lyzed, 57.6 percent fewer eviction cases than 
usual were filed during the pandemic. This re-
duction was concentrated in neighborhoods 
that normally see the most evictions. In raw 
numbers, 476,000 fewer cases were filed than 
usual just in the fifth of neighborhoods that 
typically see the highest eviction filing rates. 
Rates were cut by more than half in majority- 
Black neighborhoods and in neighborhoods 
with the lowest median incomes. Black women 
saw the largest absolute reduction in rates.

Despite massive reductions, though, in-
equalities in eviction risk remained. We docu-
mented significant heterogeneity between cit-
ies in the extent to which filings were reduced. 
During the pandemic, a tenant in Minneapolis 
struggling to pay rent would have been much 
better protected from the threat of eviction 
than an equivalent tenant in Columbus. State 
and local eviction moratoria can explain some 
of the variation, but hardly all of it. Indeed, 
even among cities in which local protections 
were short lived, variation in the scale of reduc-
tions was considerable.

Although the absolute reduction in case fil-
ings was largest in majority- Black and lower- 
income neighborhoods, these changes did not 
eliminate inequalities that existed before the 
pandemic. Poor and majority- Black neighbor-
hoods saw large reductions in eviction case fil-
ings, but so did wealthier, whiter spaces (see 
figures 4 and 5). Lower- income neighborhoods 
still saw much higher rates than more affluent 
neighborhoods. The reduction in filing rates in 
majority- Black neighborhoods (documented in 
figure 4) still left them with a higher median 

filing rate than among majority- White neigh-
borhoods before the pandemic.

Still, that inequalities endured should not 
distract from the fact that hundreds of thou-
sands fewer households than usual in these cit-
ies faced the threat of eviction during the worst 
months of the pandemic. Take the Hill District 
in Pittsburgh as an example (zip code 15219). 
The neighborhood has a median household in-
come of around $25,000 and, during a typical 
period extending from mid- March to the end 
of December of the following year, would be the 
site of nearly one thousand eviction case fil-
ings. Between March 15, 2020, and December 
31, 2021, only 186 cases were filed (81.2 percent 
less than usual). Future research should aim to 
explore the full significance of that sort of re-
duction, both for households who avoided dis-
placement and for communities seeing far less 
churn. Against a backdrop of tremendous eco-
nomic and public health uncertainty, what did 
that increased residential stability entail for in-
dividuals’ health and well- being? For children’s 
educational attainment? For the neighbor-
hood’s collective efficacy?

As detailed, a wide variety of policies imple-
mented at the federal, state, and local levels ei-
ther restricted the eviction process (such as 
moratoria) or improved tenants’ odds of being 
able to pay rent (such as ERA, stimulus pay-
ments, expanded unemployment), thereby re-
ducing eviction risk. Which of these policies 
were most significant in reducing eviction fil-
ing rates? Answering this question is critical to 
the design of effective housing stabilization 
policies, both in response to future crises and 
under normal conditions. The co- occurrence 
of these policies, however, makes accurately as-
sessing the marginal contribution of each dif-
ficult if not impossible (Matthay, Hagan, et al. 
2022; Matthay, Gottlieb, et al. 2022). We were 
able to exploit temporal variation in enactment 
and repeal of strong state and local eviction 
moratoria to demonstrate that such policies re-
duced eviction filings by around 20 to 45 per-
centage points relative to a baseline with no 
strong protections in place.18 These findings are 
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context dependent and should be interpreted 
as conservative: effect sizes may be larger in fu-
ture contexts in which no other federal or local 
policies are concurrent.

Future research should bring similar meth-
ods to bear in analyzing the effects of ERA in 
reducing eviction filings. The ERA allocation 
formula—based on state population but requir-
ing a sizable minimum payment—resulted in 
large disparities between states, far more fund-
ing being available in small, rural states than 
in large, urban states. State, county, and local 
grantee programs also established differing 
qualification standards and application pro-
cesses, and varied in how efficiently they were 
able to distribute funds (Yae et al. 2020; Reina 
et al. 2021). Data are not currently available that 
demonstrate the pace of ERA distribution at 
the tract- month or county- month level. As such 
data become available, however, it should be 
possible to leverage variations in the generosity 
of benefits to estimate a dose- response rela-
tionship. These analyses are particularly signif-
icant in making a case for the long- term viabil-
ity of rental assistance.

It remains unclear what lasting changes to 
housing policy will emerge from the pandemic. 
The Supreme Court’s decision striking down 
the CDC moratorium—coupled with landlords’ 
vocal opposition to such policies—makes it 
likely that eviction moratoria will be reserved 
for emergency situations. The long- term poten-
tial of ERA depends on proof of efficacy and the 
availability of federal funding. Landlord- tenant 
law varies primarily at the state level and has 
significant implications for eviction rates 
(Hatch 2017; Gromis et al. 2022). A number of 
states established policies during the pan-
demic to afford tenants greater protections, in-
cluding the expansion of record sealing laws, 
eviction mediation, and programs to provide 
legal counsel to those facing eviction. These 
programs, however, were clustered in states 
that already had more tenant protections in 
place. The divide between renters living in 
states with more or less landlord- friendly evic-
tion laws likely grew during the pandemic, leav-
ing millions of renters returning to the pre- 
pandemic status quo as emergency policies 
expire and ERA funding runs out.

Our reliance on administrative data entails 

a potential liability: we miss extrajudicial infor-
mal evictions that may have occurred over this 
period. Collecting data on informal evictions is 
notoriously difficult. Previous studies in Mil-
waukee and New York City indicate that the 
rate of formal- to- informal evictions varies 
across jurisdictions (Desmond and Shollen-
berger 2015; Collyer and Bushman- Copp 2019), 
but we know little about how it varies over time. 
Landlords might have more readily turned to 
informal evictions with access to the courts 
limited, but little or no evidence exists to sup-
port the hypothesis. If the “missing” eviction 
filings documented here were simply replaced 
by lock- outs and informal forced moves, the 
net benefits of pandemic renter protections 
would clearly deserve to be reevaluated. Like-
wise, our analysis of changes to eviction filing 
patterns during the pandemic is limited to the 
thirty- one cities analyzed and is not intended 
to be representative of all urban spaces in the 
United States. The findings of our study indi-
cate the importance of attending to local varia-
tion (figure 2), and we hope that future research 
can expand the map to include other jurisdic-
tions.

At a moment of generational instability and 
uncertainty, new policies and regulatory 
changes were rolled out that kept an extraordi-
nary number of households out of court and 
safely in their homes. We find that 807,000 
fewer eviction cases than usual were filed in 
just thirty- one cities between mid- March 2020 
and December 31, 2021. The largest reductions 
were in majority- Black and low- income neigh-
borhoods, signaling the relatively progressive 
benefits of economic and housing policies en-
acted in response to the pandemic. Strong evic-
tion moratoria were instrumental in reducing 
eviction filing rates (figures 7 and 8). Despite 
landlord outcry, available evidence suggests 
that such policies had limited effect on rent 
collection rates, even in places where strong 
moratoria were in place for extended periods 
(Choi, Pang, and Goodman 2022; NMHC 2022). 
Even with moratoria in place, tenants routinely 
prioritized rent payment above almost all other 
expenses, going so far as to take on debt to keep 
current on rent (Keene et al. 2022; Manville et 
al. 2022). Landlords offset any losses to revenue 
by reducing expenses, resulting in increases, 
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year over year, in their overall balances (Greig, 
Zhao, and Lefevre 2021). They also benefited 
from mortgage forbearance programs—some 
aimed at multifamily properties made perma-
nent during the pandemic (Jensen 2021)—that 
resulted in record- low foreclosure rates (AT-
TOM 2021). Future analyses should attend to 
the costs and benefits of rental assistance, 
which may prove to be a more politically viable 
long- term policy option. Taken as a whole, the 
pandemic response makes clear that signifi-
cant reductions to eviction filing rates are fea-
sible. The challenges of establishing lasting re-
forms of this sort given the jurisdictional 
patchwork of civil law are significant, but so are 
the potential benefits to millions of renters na-
tionwide who face the risk of eviction each year.

rEfErEncEs
ATTOM. 2021. “U.S. Properties with Foreclosure Fil-

ings in First Six Months of 2021 Hit All- Time 
Low of 65,082.” Cision PR Newswire, July 15. Ac-
cessed November 11, 2022. https://www.prnews 
wire.com/news-releases/us-properties-with-fore 
closure-filings-in-first-six-months-of-2021-hit-all 
-time-low-of-65-082--301334336.html.

Bell, Alex, Thomas J. Hedin, Peter Mannino, Roozbeh 
Moghadam, Geoffrey Schnorr, and Till von 
Wachter. 2023. “Disparities in Access to Unem-
ployment Insurance During the COVID-19 Pan-
demic: Lessons from U.S. and California Claims 
Data.” RSF: The Russell Sage Foundation Journal 
of the Social Sciences 9(3): 78–109. DOI: https:// 
doi.org/10.7758/RSF.2023.9.3.04.

Benfer, Emily A., and Robert Koehler. 2022. 
“COVID-19 Eviction Moratoria & Housing Policy: 
Federal, State, Commonwealth, and Territory.” 
Ann Arbor, Mich.: Inter- university Consortium 
for Political and Social Research [distributor], 
2022- 05- 22. DOI: https://doi.org/10.3886 
/E157201V1.

Benfer, Emily A., Robert Koehler, Alyx Mark, Valerie 
Nazzaro, Anne Kat Alexander, Peter Hepburn, 
Danya Keene, and Matthew Desmond. 2022. 
“COVID-19 Housing Policy: State and Federal 
Eviction Moratoria and Supportive Measures in 
the United States During the Pandemic.” Hous-
ing Policy Debate. Published online: 10 June 
2022. DOI: https://doi.org/10.1080/10511482 
.2022.2076713.

Bitler, Marianne P., Hilary W. Hoynes, and Diane 

Whitmore Schanzenbach. 2023. “Suffering, the 
Safety Net, and Disparities During COVID-19.” 
RSF: The Russell Sage Foundation Journal of the 
Social Sciences 9(3): 32–59. DOI: https://doi.org 
/10.7758/RSF.2023.9.3.02.

Borenstein, Severin, and Lucas W. Davis. 2016. “The 
Distributional Effects of US Clean Energy Tax 
Credits.” Tax Policy and the Economy 30(1): 191–
234. DOI: https://doi.org/10.1086/685597.

Chaisemartin, Clément de, and Xavier 
D’Haultfœuille. 2020. “Two- Way Fixed Effects 
Estimators with Heterogeneous Treatment Ef-
fects.” American Economic Review 110(9): 2964–
96. DOI: https://doi.org/10.1257/aer.20181169.

Choi, Jung Hyun, Daniel Pang, and Laurie Goodman. 
2022. “Tracking Rent Payments to Mom- and- Pop 
Landlords.” Washington, D.C.: Urban Institute. 
Accessed November 11, 2022. https://www.urban 
.org/features/tracking-rent-payments-mom-and 
-pop-landlords.

Collyer, Sophie, and Lily Bushman- Copp. 2019. 
“Forced Moves and Eviction in New York City.” 
Housing Report, Spring 2019. New York: Robin 
Hood. Accessed November 11, 2022. https:// 
robinhoodorg-production.s3.amazonaws.com  
/uploads/2019/08/HOUSING-REPORT_8.5.pdf.

Desmond, Matthew. 2016. Evicted: Poverty and Profit 
in the American City. New York: Broadway Books.

Desmond, Matthew, and Carl Gershenson. 2017. 
“Who Gets Evicted? Assessing Individual, Neigh-
borhood, and Network Factors.” Social Science 
Research 62 (February): 362–77. DOI: https://doi  
.org/10.1016/j.ssresearch.2016.08.017.

Desmond, Matthew, Ashley Gromis, Lavar Edmonds, 
James Hendrickson, Katie Krywokulski, Lillian 
Leung, and Adam Porton. 2018. Eviction Lab Na-
tional Database: Version 1.0. Princeton, N.J.: 
Princeton University. Accessed December 1, 
2022. www.evictionlab.org.

Desmond, Matthew, and Tracey Shollenberger. 2015. 
“Forced Displacement From Rental Housing: 
Prevalence and Neighborhood Consequences.” 
Demography 52 (5): 1751–72. DOI: https://doi.org 
/10.1007/s13524-015-0419-9.

Ernsthausen, Jeff, Ellis Simani, and Al Shaw. 2020. 
“Can You Be Evicted During Coronavirus? Here’s 
How to Find Out.” ProPublica, May 18.

Gender API. 2022. “Gender API.” Accessed March 3, 
2022. https://gender-api.com.

Goodman- Bacon, Andrew. 2021. “Difference- in- 
Differences with Variation in Treatment Timing.” 

https://www.prnewswire.com/news-releases/us-properties-with-foreclosure-filings-in-first-six-months-of-2021-hit-all-time-low-of-65-082--301334336.html
https://www.prnewswire.com/news-releases/us-properties-with-foreclosure-filings-in-first-six-months-of-2021-hit-all-time-low-of-65-082--301334336.html
https://www.prnewswire.com/news-releases/us-properties-with-foreclosure-filings-in-first-six-months-of-2021-hit-all-time-low-of-65-082--301334336.html
https://www.prnewswire.com/news-releases/us-properties-with-foreclosure-filings-in-first-six-months-of-2021-hit-all-time-low-of-65-082--301334336.html
https://doi.org/10.7758/RSF.2023.9.3.04
https://doi.org/10.7758/RSF.2023.9.3.04
https://doi.org/10.3886/E157201V1
https://doi.org/10.3886/E157201V1
https://doi.org/10.1080/10511482.2022.2076713
https://doi.org/10.1080/10511482.2022.2076713
https://doi.org/10.7758/RSF.9.3.02
https://doi.org/10.7758/RSF.9.3.02
https://doi.org/10.1086/685597
https://doi.org/10.1257/aer.20181169
https://www.urban.org/features/tracking-rent-payments-mom-and-pop-landlords
https://www.urban.org/features/tracking-rent-payments-mom-and-pop-landlords
https://www.urban.org/features/tracking-rent-payments-mom-and-pop-landlords
https://robinhoodorg-production.s3.amazonaws.com/uploads/2019/08/HOUSING-REPORT_8.5.pdf
https://robinhoodorg-production.s3.amazonaws.com/uploads/2019/08/HOUSING-REPORT_8.5.pdf
https://robinhoodorg-production.s3.amazonaws.com/uploads/2019/08/HOUSING-REPORT_8.5.pdf
https://doi.org/10.1016/j.ssresearch.2016.08.017
https://doi.org/10.1016/j.ssresearch.2016.08.017
www.evictionlab.org
https://doi.org/10.1007/s13524-015-0419-9
https://doi.org/10.1007/s13524-015-0419-9
https://gender-api.com


2 0 6  t H e  s o c i o e c o n o m i c  i m Pa c t s  o f  t H e  c o v i D -1 9  Pa n D e m i c

r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

Journal of Econometrics 225(2): 254–77. DOI: 
https://doi.org/10.1016/j.jeconom.2021.03.014.

Greig, Fiona, Chen Zhao, and Alexandra Lefevre. 
2021. “How Did Landlords Fare During COVID?” 
New York: JPMorgan Chase. Accessed November 
11, 2022. https://www.jpmorganchase.com  
/institute/research/household-debt/how-did 
-landlords-fare-during-covid.

Gromis, Ashley, Ian Fellows, James R. Hendrickson, 
Lavar Edmonds, Lillian Leung, Adam Porton, and 
Matthew Desmond. 2022. “Estimating Eviction 
Prevalence Across the United States.” PNAS 
119(21): 1–8. DOI: https://doi.org/10.1073/pnas 
.2116169119/-/DCSupplemental.Published.

Hatch, Megan E. 2017. “Statutory Protection for 
Renters: Classification of State Landlord–Tenant 
Policy Approaches.” Housing Policy Debate 27(1): 
98–119. DOI: https://doi.org/10.1080/10511482 
.2016.1155073.

Hepburn, Peter, Renee Louis, and Matthew Des-
mond. 2020a. “Eviction Tracking System.” 
Princeton, N.J.: The Eviction Lab at Princeton 
University. Accessed November 11, 2022. https:// 
evictionlab.org/eviction-tracking/.

———. 2020b. “Racial and Gender Disparities Among 
Evicted Americans.” Sociological Science 7 (De-
cember): 649–62. DOI: https://doi.org/10.15195  
/v7.a27.

Hepburn, Peter, Renee Louis, Joe Fish, Emily Lem-
merman, Anne Kat Alexander, Timothy A. 
Thomas, Robert Koehler, Emily Benfer, and Mat-
thew Desmond. 2021. “U.S. Eviction Filing Pat-
terns in 2020.” Socius 7(1). DOI: https://doi.org 
/10.1177/23780231211009983.

Hoynes, Hilary W., and Jesse Rothstein. 2019. “Uni-
versal Basic Income in the United States and Ad-
vanced Countries.” Annual Review of Economics 
11(1): 929–58. DOI: https://doi.org/10.1146  
/annurev-economics-080218-030237.

Jensen, Katie. 2021. “Fannie Mae Extends Multifam-
ily Protections Indefinitely.” National Mortgage 
Professional, September 27.

Joint Center for Housing Studies (JCHS). 2020. 
“America’s Rental Housing, 2020.” Cambridge, 
Mass.: Harvard University.

Keene, Danya E., Whitney Denary, Annie Harper, An-
nie Kapolka, Emily A. Benfer, and Peter Hepburn. 
2022. “‘A Little Bit of a Security Blanket’: Renter 
Experiences with COVID-19 Era Eviction Morato-
ria.” Working paper.

Khanna, Kabir, Kosuke Imai, and Hubert Jin. 2017. 

“Wru: Who Are You? Bayesian Prediction of Ra-
cial Category Using Surname and Geolocation.” 
wru 1.0.1. Accessed November 11, 2022. https:// 
github.com/kosukeimai/wru.

Kneebone, Elizabeth, and Cecile Murray. 2020. “Es-
timating COVID-19’s Near- Term Impact on Rent-
ers.” Berkeley: Terner Center for Housing Innova-
tion, University of California. Accessed November 
11, 2022. https://ternercenter.berkeley.edu/blog  
/estimating-covid-19-impact-renters.

Leifheit, Kathryn M., Sabriya L. Linton, Julia Raif-
man, Gabriel L. Schwartz, Emily A. Benfer, Fred-
erick J. Zimmerman, and Craig Evan Pollack. 
2021. “Expiring Eviction Moratoriums and 
COVID-19 Incidence and Mortality.” American 
Journal of Epidemiology 190(12): 2503–10. DOI: 
https://doi.org/10.1093/aje/kwab196.

Leifheit, Kathryn M., Craig E. Pollack, Julia Raifman, 
Gabriel L. Schwartz, Robert D. Koehler, Jackie V. 
Rodriguez Bronico, Emily A. Benfer, Frederick J. 
Zimmerman, and Sabriya L. Linton. 2021. “Varia-
tion in State- Level Eviction Moratorium Protec-
tions and Mental Health Among US Adults Dur-
ing the COVID-19 Pandemic.” JAMA Network 
Open 4(12): 1–12. DOI: https://doi.org/10.1001  
/jamanetworkopen.2021.39585.

Leung, Lillian, Peter Hepburn, and Matthew Des-
mond. 2021. “Serial Eviction Filing: Civil Courts, 
Property Management, and the Threat of Dis-
placement.” Social Forces 100(1): 316–44. DOI: 
https://doi.org/10.1093/sf/soaa089.

Manville, Michael, Paavo Monkkonen, Michael C. 
Lens, and Richard Green. 2022. “Renter Nonpay-
ment and Landlord Response: Evidence from 
COVID-19.” Housing Policy Debate. First pub-
lished online: July 27, 2022. DOI: https://doi.org 
/10.1080/10511482.2022.2085761.

Matthay, Ellicott C., Laura M. Gottlieb, David Reh-
kopf, May Lynn Tan, David Vlahov, and M. Maria 
Glymour. 2022. “What to Do When Everything 
Happens at Once: Analytic Approaches to Esti-
mate the Health Effects of Co- Occurring Social 
Policies.” Epidemiologic Reviews 43(1): 33–47. 
DOI: https://doi.org/10.1093/epirev/mxab005.

Matthay, Ellicott C., Erin Hagan, Spruha Joshi, May 
Lynn Tan, David Vlahov, Nancy Adler, and M. Ma-
ria Glymour. 2022. “The Revolution Will Be Hard 
to Evaluate: How Co- Occurring Policy Changes 
Affect Research on the Health Effects of Social 
Policies.” Epidemiologic Reviews 43(1): 19–32. 
DOI: https://doi.org/10.1093/epirev/mxab009.

https://doi.org/10.1016/j.jeconom.2021.03.014
https://www.jpmorganchase.com/institute/research/household-debt/how-did-landlords-fare-during-covid
https://www.jpmorganchase.com/institute/research/household-debt/how-did-landlords-fare-during-covid
https://www.jpmorganchase.com/institute/research/household-debt/how-did-landlords-fare-during-covid
https://doi.org/10.1073/pnas.2116169119/-/DCSupplemental.Published
https://doi.org/10.1073/pnas.2116169119/-/DCSupplemental.Published
https://doi.org/10.1080/10511482.2016.1155073
https://doi.org/10.1080/10511482.2016.1155073
https://evictionlab.org/eviction-tracking/
https://evictionlab.org/eviction-tracking/
https://doi.org/10.15195/v7.a27
https://doi.org/10.15195/v7.a27
https://doi.org/10.1177/23780231211009983
https://doi.org/10.1177/23780231211009983
https://doi.org/10.1146/annurev-economics-080218-030237
https://doi.org/10.1146/annurev-economics-080218-030237
https://github.com/kosukeimai/wru
https://github.com/kosukeimai/wru
https://ternercenter.berkeley.edu/blog/estimating-covid-19-impact-renters
https://ternercenter.berkeley.edu/blog/estimating-covid-19-impact-renters
https://doi.org/10.1093/aje/kwab196
https://doi.org/10.1001/jamanetworkopen.2021.39585
https://doi.org/10.1001/jamanetworkopen.2021.39585
https://doi.org/10.1093/sf/soaa089
https://doi.org/10.1080/10511482.2022.2085761
https://doi.org/10.1080/10511482.2022.2085761
https://doi.org/10.1093/epirev/mxab005
https://doi.org/10.1093/epirev/mxab009


r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

 P r o t e c t i n G  t H e  m o s t  v u L n e r a b L e  2 0 7

Mullen, Lincoln. 2018. “Gender: Predict Gender from 
Names Using Historical Data.” v0.5.2. Accessed 
November 11, 2022. https://github.com /lmullen 
/gender.

National Multifamily Housing Council (NMHC). 
2022. “Rent Payment Tracker Retrospective.” 
Washington, D.C.: NMHC. Accessed November 
11, 2022. https://www.nmhc.org/research-insight 
/nmhc-rent-payment-tracker/rent-payment 
-tracker-retrospective/.

Parolin, Zachary, Sophie Collyer, Megan A. Curran, 
and Christopher Wimer. 2021. “Monthly Poverty 
Rates Among Children After the Expansion of 
the Child Tax Credit Measuring Monthly Poverty.” 
Poverty & Social Policy Brief 5(4): 1–14. Accessed 
December 1, 2022. https://www.povertycenter 
.columbia.edu/publication/monthly-poverty-july 
-2021.

The Pew Charitable Trusts. 2018. “American Fami-
lies Face a Growing Rent Burden.” Philadelphia, 
Pa.: Pew Charitable Trusts. Accessed November 
11, 2022. https://www.pewtrusts.org/-/media  
/assets/2018/04/rent-burden_report_v2.pdf.

Rangel, Jasmine, Jacob Haas, Emily Lemmerman, 
Joe Fish, and Peter Hepburn. 2021. “Preliminary 
Analysis: 11 Months of the CDC Moratorium.” 
Princeton, NJ: The Eviction Lab, Princeton Uni-
versity. Accessed November 11, 2022. https:// 
evictionlab.org/eleven-months-cdc/.

Reina, Vincent, Claudia Aiken, Julia Verbrugge, In-
grid Gould Ellen, Tyler Haupert, Andrew Aurand, 
and Rebecca Yae. 2021. “COVID-19 Emergency 
Rental Assistance: Analysis of a National Survey 
of Programs.” Research Brief. Washington, D.C.: 
National Low Income Housing Coalition. Ac-
cessed November 11, 2022. https://nlihc.org/sites 
/default/files/HIP_NLIHC_Furman_Brief_FINAL 
 .pdf.

Sandoval- Olascoaga, Sebastian, Atheendar S. Ven-
kataramani, and Mariana C. Arcaya. 2021. “Evic-
tion Moratoria Expiration and COVID-19 Infection 
Risk Across Strata of Health and Socioeconomic 
Status in the United States.” JAMA Network 
Open 4(8): 1–11. DOI: https://doi.org/10.1001  
/jamanetworkopen.2021.29041.

Stein, Sarah, and Nisha Sutaria. 2020. “Housing 

Policy Impact: Federal Eviction Protection Cov-
erage and the Need for Better Data.” Atlanta, 
Ga.: Federal Reserve Bank. Accessed November 
11, 2022. https://www.frbatlanta.org/com 
munity -development/publications/partners 
-update /2020/covid-19-publications/200616 
-housing -policy-impact-federal-eviction 
-protection-coverage-and-the-need-for-better 
-data.

Sun, Liyang, and Sarah Abraham. 2021. “Estimating 
Dynamic Treatment Effects in Event Studies with 
Heterogeneous Treatment Effects.” Journal of 
Econometrics 225(2): 175–99. DOI: https://doi  
.org/10.1016/j.jeconom.2020.09.006.

U.S. Census Bureau. 2020. “2015–2019 American 
Community Survey 5- Year Detailed Tables.” 
Washington: U.S. Department of Commerce. Ac-
cessed January 5, 2023. https://www.census.gov 
/programs-surveys/acs.

U.S. Department of the Treasury. 2022. “New Trea-
sury Data Shows Over 80% of Emergency Rental 
Assistance Delivered to Lowest- Income House-
holds.” Press Release, February 24. Washington: 
U.S. Department of the Treasury. Accessed No-
vember 11, 2022. https://home.treasury.gov/news 
/press-releases/jy0606.

Venkataramani, Atheendar S., Elizabeth F. Bair, 
Rourke L. O’Brien, and Alexander C. Tsai. 2020. 
“Association Between Automotive Assembly 
Plant Closures and Opioid Overdose Mortality in 
the United States: A Difference- in- Differences 
Analysis.” JAMA Internal Medicine 180(2): 254–
62. DOI: https://doi.org/10.1001/jamainternmed 
.2019.5686.

Wais, Kamil. 2016. “Gender Prediction Methods 
Based on First Names with GenderizeR.” R Jour-
nal 8(1): 17–37. DOI: https://doi.org/10.32614/rj 
-2016-002.

Yae, Rebecca, Andrew Aurand, Daniel Threet, and 
Emma Foley. 2020. “Emergency Rental Assis-
tance Programs in Response to COVID-19.” 
NLIHC Research Note, October 27. Washington, 
D.C.: National Low Income Housing Coalition. 
Accessed November 11, 2022. https://nlihc.org 
/sites/default/files/Emergency-Rental 
-Assistance-Programs-3.pdf.

https://github.com/lmullen/gender
https://github.com/lmullen/gender
https://www.nmhc.org/research-insight/nmhc-rent-payment-tracker/rent-payment-tracker-retrospective/
https://www.nmhc.org/research-insight/nmhc-rent-payment-tracker/rent-payment-tracker-retrospective/
https://www.nmhc.org/research-insight/nmhc-rent-payment-tracker/rent-payment-tracker-retrospective/
https://www.povertycenter.columbia.edu/publication/monthly-poverty-july-2021
https://www.povertycenter.columbia.edu/publication/monthly-poverty-july-2021
https://www.povertycenter.columbia.edu/publication/monthly-poverty-july-2021
https://www.pewtrusts.org/-/media/assets/2018/04/rent-burden_report_v2.pdf
https://www.pewtrusts.org/-/media/assets/2018/04/rent-burden_report_v2.pdf
https://evictionlab.org/eleven-months-cdc/
https://evictionlab.org/eleven-months-cdc/
https://nlihc.org/sites/default/files/HIP_NLIHC_Furman_Brief_FINAL.pdf
https://nlihc.org/sites/default/files/HIP_NLIHC_Furman_Brief_FINAL.pdf
https://nlihc.org/sites/default/files/HIP_NLIHC_Furman_Brief_FINAL.pdf
https://doi.org/10.1001/jamanetworkopen.2021.29041
https://doi.org/10.1001/jamanetworkopen.2021.29041
https://www.frbatlanta.org/community-development/publications/partners-update/2020/covid-19-publications/200616-housing-policy-impact-federal-eviction-protection-coverage-and-the-need-for-better-data
https://www.frbatlanta.org/community-development/publications/partners-update/2020/covid-19-publications/200616-housing-policy-impact-federal-eviction-protection-coverage-and-the-need-for-better-data
https://www.frbatlanta.org/community-development/publications/partners-update/2020/covid-19-publications/200616-housing-policy-impact-federal-eviction-protection-coverage-and-the-need-for-better-data
https://www.frbatlanta.org/community-development/publications/partners-update/2020/covid-19-publications/200616-housing-policy-impact-federal-eviction-protection-coverage-and-the-need-for-better-data
https://www.frbatlanta.org/community-development/publications/partners-update/2020/covid-19-publications/200616-housing-policy-impact-federal-eviction-protection-coverage-and-the-need-for-better-data
https://www.frbatlanta.org/community-development/publications/partners-update/2020/covid-19-publications/200616-housing-policy-impact-federal-eviction-protection-coverage-and-the-need-for-better-data
https://doi.org/10.1016/j.jeconom.2020.09.006
https://doi.org/10.1016/j.jeconom.2020.09.006
https://www.census.gov/programs-surveys/acs
https://www.census.gov/programs-surveys/acs
https://home.treasury.gov/news/press-releases/jy0606
https://home.treasury.gov/news/press-releases/jy0606
https://doi.org/10.1001/jamainternmed.2019.5686
https://doi.org/10.1001/jamainternmed.2019.5686
https://doi.org/10.32614/rj-2016-002
https://doi.org/10.32614/rj-2016-002
https://nlihc.org/sites/default/files/Emergency-Rental-Assistance-
https://nlihc.org/sites/default/files/Emergency-Rental-Assistance-
https://nlihc.org/sites/default/files/Emergency-Rental-Assistance-

